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Abstract: A storm surge is an important secondary disaster caused by typhoons, and its threat to coastal cities is manifold. It
is of great significance to forecast storm surges timely and accurately, and to adopt reasonable measures to reduce casualties
and economic losses in coastal areas. This paper proposes a new algorithm which comprehensively considers wind speed,
wind direction, atmospheric pressure, and other factors, as well as the tidal level observation data of preceding time series,
and establishes a storm surge nowcasting model by using the long short—term memory ~(LSTM) neural network algorithm. The
results reveal that the LSTM-based nowcasting model has considerable forecasting skills and that the forecasting error is re-
lated to the time level advance of the preceding data used. The study also reveals that the forecasting model which only con-
siders the tidal level of the preceding time series has the largest error. Furthermore, the forecasting ability of the model im-
proves to an extent after the atmospheric pressure is taken into account, while the forecasting effect improves more signifi-
cantly after wind is considered.
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