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Nonlinear Characteristics of Relationship between
Convective Activity over Tropics and ENSO

SHEN Guifeng', WU Hongbao', WEI Yingying', LIU Xue hua’

(1. School of Atmospheric Sciences, NUIST, Nanjing 210044, China; 2. Jinhua Meteorological Bureau, Jinhua 321000, China)

Abstract: Based on the NCEP/NCAR reanalysis data of OLR, Nonlinear Principal Component A—
nalysis (NLPCA) are used to research the convective activity over the tropics and its relationship
with ENSO. T he results show that more nonlinear characteristics of time-space structer are found
by using NLPCA than by linear analysis techniques. Such nonlinear characteristics may reflect the
nonlinear relationship between tropical convective activities and ENSO. T he intensity of OLR a
nomalies is stronger in the average EI Nino period than in the average La Nina period. And the
center of OLR anomalies in the averger in the average El Nino period tends to lie at a position east
of that in the average La Nina period, thus showing the spatial asymmetry of OLR in the average
warm and cold phases of ENSO.
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