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Recognition of Chinese Medicine Named Entity Based on
Condition Random Field

WAN G Shi-kun ,L | Shao-zi * ,CHEN Tongsheng
(School of Information Science and Technology ,Xiamen University ,Xiamen 361005 ,China)

Abstract : Traditional Chinese medicine contains rich knowledge ,how to complete the medical case of mass tagging in order to ex-
tract their knowledge seems particularly important. This paper uses CRF to mark symptoms and pathogenessin Medical Records of
the Ming and Qing dynasties. In accord with characteristics of chinese we put forward a proposal of data cleansing ,and we combine
the part of speech inorder to reduce the sze of feature space. In order to verify the superiority of CRF in Chinese medicine named ern-
tity identification ,we use maximum entropy and SVM to compare with CRF. The results showed that :our methods proposed for the
Ming and Qing dynasties in the case of ancient medical symptoms ,pathogenesis such Named Entity Recognition of Chinese medicine
has a distinct advantage.

Key Wor ds : condition random field (CRF) ;traditional Chinese medicine named entity ;data cleansing ;cross validation



