56 1 S F o Vol. 50 No.6
2022 4E6 H ACTA ELECTRONICA SINICA Jun. 2022

— PP TR BE s Ak oy > B B[R A5 AU PR Ak

Ra®,# £, F7TH R T,.% M
(TR B B BE  BEPTTI 2 710077)

B OE: XU T B 5 T D P R DR SRR 3 o el AL A SR B I [ R SRR, BT
RIS AL T B B THE Actor-Critic 552840 T Rl D35 pR BRI RS T14 , JFAE 2 il bR B P A& S8 L L
P RS IE PR AE ) RN NN 2RI LA DR SRE 10 26, (0330 RE S it B R P R b i ) T 538, O R 41 12
PR 5 A RR W] AL T 3R B RV SR 1, AR SURRA 28 1 T4 T07 SR REAE 17 24 8% TV IR, IR FE v
509 VAL, HAT RSN .

KEWR: AR A TIOOR; TIURIREL; DL eRE; L5
hEsyES: TNITS XERARIRED: A XERS: 0372-2112(2022)06-1301-09

8 F 23R URL:http://www.ejournal.org.cn DOI1:10.12263/DZXB.20210814

A Collaborative Communication Jamming Decision Algorithm Based on
Deep Reinforcement Learning

SONG Bai-lin, XU Hua, QI Zi-sen, RAO Ning, PENG Xiang
(Information and Navigation School , Air Force Engineering University , Xi’ an, Shaanxi 710077, China)

Abstract:

ming in collaborative electronic warfare, based on deep reinforcement learning, a collaborative jamming decision-making al-

In order to solve the problem of collaborative decision-making of frequency-hopping communication jam-

gorithm based on actor-critic algorithm framework is proposed, which fuses dominant functions by building a collaborative
decision-making model of "overall optimization and making decision station by station". An expert experience mechanism
is embedded in the reward function to improve the exploration ability of the algorithm, and the decision network is opti-
mized by the distributed execution-centralized training method, so that the algorithm can output the jamming scheme with
the highest resource utilization rate and greatly improve the efficiency of decision-making. The simulation results show that,
compared with the existing intelligent decision algorithms, the jamming scheme presented in this paper can save 8% of the
interference resources and improve the decision efficiency by more than 50%, which is of great practical value.
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