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Fig.1 Structure of text categorization system
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Application of Improved Feature Selection in
Text Categorization System

LI Chang-hong, LI T ang-qiu
(School of Software, Xiamen University, Xiamen 361005, China)

Abstract: A new text categorization system using composite feature selection method was designed. T exts are described in the
form of Vector Space Model through model analysis. After pretreatment for texts, keywords which include noun phrase were extrae
ted on the basis of rules from texts. On feature selection, document frequency was combined with mutual information, and performance

was improved. Experiments show that the precision of text categorization is improved through using new method.
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