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Double Human Interaction Recognition Based on Integration of Whole and

Individual Segmentation
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(1.Liaoning Shihua University, Fushun Liaoning 113001, China; 2.Shenyang Aerospace University, Shenyang Liaoning 110136,
China)

Abstract: In the field of human interaction recognition, local features based on RGB video often cannot effectively distinguish
approximate actions. The Depth image information and the color image information are merged in the recognition process, and a
two-person interactive behavior recognition algorithm that integrates the depth information and the individual segmentation fusion
is proposed. The algorithm firstly extracts the points of interest for RGB and Depth video, then uses 3DSIFT to describe the
features on RGB video. The YOLO network is introduced into divide the left and right points of interest on the Depth video, and
the local co-occurrence matrix is used for local correlation information description. Finally, the nearest neighbor classifier is used to
classify the RGB features and Depth features, and further the recognition results are obtained by the decision-level fusion, which
improves the accuracy of recognition. The results show that the combination of depth visual co-occurrence matrix can greatly
improve the recognition accuracy of double interaction behavior, and the correct recognition rate of 90% of the actions in SBU
Kinect interaction database can verify the effectiveness of the proposed algorithm.
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