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The application of phase gradient autofocus algorithm to stripmap SAS imaging

for scene targets
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Abstract The application of phase gradient autofocus (PGA) algorithm to stripmap synthetic aperture sonar
(SAS) imaging for scene targets is discussed. The problem of how to embed PGA in an imaging algorithm of
SAS is analysed and the PGA method which could perform the operation of isolated scatter points selecting and
windowing in the autofocus steps highly adaptively is proposed for stripmap SAS to improve its adaptability
to the scene targets . The method is applied to a lake-trial dataset of scene targets and the result shows that
it could improve the imaging quality of stripmap SAS for scene targets.
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Fig. 1 CS algorithm flow-process diagram
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