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Abstract: Event cameras are bio-inspired sensors that outputs a stream of events when the brightness change of
pixels exceeds the threshold. This type of visual sensor asynchronously outputs events that encode the time,
location and sign of the brightness changes. Hence, event cameras offer attractive properties, such as high
temporal resolution, very high dynamic range, low latency, low power consumption, and high pixel bandwidth.
It can capture information in high-speed motion and high-dynamic scenes, which can be used to reconstruct
high-dynamic range and high-speed motion scenes. Brightness images obtained by image reconstruction can be
interpreted as a representation, and be used for recognition, segmentation, tracking and optical flow estimation,
which is one of the important research directions in the field of vision. This survey first briefly introduces event
cameras from their working principle, developmental history, advantages, and challenges of event cameras.
Then, the working principles of various types of event cameras and some event camera-based image
reconstruction algorithms are introduced. Finally, the challenges and future trends faced by event cameras are
described, and the article is concluded.
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