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Gait Recognition Via Multiple Features and Views Information Fusion

ZHAO Yong-wei,ZHANG Er-hu,LU Ji-wen, HU Jun-lin

( Department of Information Science, Xi'an University of Technology, Xi’an 710048 )

Abstract A new gait recognition method based on information fusion of multiple kinds of features and views is proposed in
this paper. Through the background subtraction and shadow elimination, human motion silhouettes are obtained and gait
features are extracted using pseudo-Zernike moment, wavelet descriptor and Procrustes shape analysis. The gait recognition
is accomplished through information fusion of multiple kinds of features and views on feature level and decision level. The

method is evaluated on the CASIA gait database and received comparative high correct recognition rate. The experimental
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results show that our approach has efficient recognition performance.
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Fig. 1  Flow chart of the gait recognition based on multiple

features and views information fusion
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Fig. 2 The result of edge extraction
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Fig. 3 Pseudo-Zernike feature of a silhouette
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Fig. 4 Wavelet feature of a silhouette
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gait sequences in three views
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Fig. 6 Procrustes average shapes of three person’s gait
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