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Abstract: Hyperspectral imaging is a nondestructive testing technology that integrates spectroscopy and computer vision
technology. This technology enables us to quickly, comprehensively and nondestructively obtain both internal and external
information of meat products, and it has been widely used in the detection of red meat products. Beginning with a brief
description of the principle of hyperspectral imaging, this paper presents a detailed review of the application of high spectral
imaging technology in detecting the quality of red meat products. The existing problems and future prospects of this
technology are summarized in order to provide valuable information for research on nondestructive testing of red meat.
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Fig. 1  Basic components of the HSI system
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Fig.2  Flow chart of the detection process with HSI system
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