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Abstract: [ Purpose/Significance | Traditional Chinese medicine( TCM) texts contain a wealth of domain—specific
knowledge that can provide guidance for accurate diagnosis and effective disease prevention and treatment. This paper pro-
vides a systematic review of the research on named entity recognition( NER) in TCM. [ Method/Process]| From the charac-
teristics of TCM texts, the paper discussed the challenges of TCM texts NER including knowledge system, corpus construc-
tion, and technical algorithms aspects. It sorted out the terminological standards, entity types, and annotation principles
and methods available in the construction of TCM texts NER corpora. The paper also reviewed the general framework, com-
mon methods, and recent trends of TCM texts NER techniques and summarized the evaluation indicators. [ Result/Conclu-
sion] Future research can be conducted in the following directions: establishing annotation standards and constructing high—
quality datasets at the corpus level, exploring data optimization for small sample problems, developing recognition models
for complex entities, and enhancing model interpretability at the algorithm level to improve the effectiveness of TCM NER.
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