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Abstract: The Qinghai-Tibet Platea is one of China’s top 2 regions with the most densely distributed lakes.
Due to effect of global warming and increasing glacial runoff, there is a significant expansion the lakes on
the plateau has significantly expanded. The automatic extraction of lake water bodies is fundamental for
disaster monitoring, and for the protection of water resources and ecological environment. In this research,
we studied the Qinghai-Tibet Plateau (spatial range roughly between 26°00' N—39°47' N latitude and 73°19’
E-104°47'E longitude) , and used the 14-level (17 m spatial resolution) Google Earth remote sensing images
as the basis for constructing a small-scale dataset of lake semantic segmentation for the Qinghai-Tibet Plateau.
This dataset consists of 6,774 randomly selected RGB images (256 X 256 in size), as well as ground truth
images (lake water bodies in red, background in black) obtained by combining the deep learning dataset
annotation software—Ilabelme and visual interpretation methods. On the one hand, this dataset can be used
for the extraction of lake water bodies on the Qinghai-Tibet Plateau, supporting the engineering construction
in this region. On the other, it can be used to pre-train the weight of the semantic segmentation model and
improve the accuracy of water extraction in other regions.

Keywords: Google Earth; the Qinghai-Tibetan Plateau; deep learning; semantic segmentation
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Data corresponding author WANG Zhaobin (wangzhb@Izu.edu.cn)
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Information Program of the Chinese Academy of Sciences“Construction and
Application of ‘Technology Cloud’ in Cold and Arid Regions Environment Evolution”
(XXH13506)

HEEWH
National Cryosphere Desert Data Center (N0.E01Z7902)

Capacity improvement of Cryosphere Desert Data Center of Chinese Academy of

Sciences (N0.Y9298302)

This dataset consists of two parts: 6,774 RGB Google remote sensing images (256 X

Dataset composition 256 in size); 6,774 ground truth images corresponding to the Google remote sensing

images (lake water bodies in red, background in black).
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