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Figure 1 Collection and processing process of military news text data
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Table 1 Military event types and the corresponding event elements
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Table 2 Entity type and the corresponding description
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Table 3 Relation type and the corresponding description
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Figure 2 The labelled hierarchy diagram of military news text dataset
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"text": "20124E", "offset": [0, 2]}, {"entity_type": "EQU", “text": "055&", "offset": [9, 111},
{"entity_type": "EQU", "text": "FHEIHIKEFM", "offset": [12, 14]}, {"entity_type": "ORG", "text": "SHEEF",
"offset": [16, 18]}, {"entity_type": "PER", "text": "BBAL", "offset": [19, 21]}, {"entity_type": "EQU",
"text": "EEEM", "offset": [23, 251}, {"entity_type": "EQU", "text": "&fi", "offset": [37, 38]},
{"entity_type": "TIME", "text": "2015FF_=FE", "offset": [40, 43]}], "relation_mention": [{"head":
{"entity_type": "EQU", "offset": [9, 11]}, "tail": {"entity_type": "EQU", "offset": [12, 14]},
"relation_type": "Equal"}, {"head": {"entity_type": "PER", "offset": [19, 21]}, "tail": {"entity_type":
"0RG", "offset": [16, 18]}, "relation_type": "Subordinate"}, {"head": {"entity_type": "EQU", "offset": [12,
141}, "tail": {"entity_type": "EQU", "offset": [23, 25]}, "relation_type": "Equal"}, {"head":
{"entity_type": "EQU", "offset": [23, 25]}, "tail": {"entity_type": "EQU", "offset": [37, 38]},
"relation_type": "Equal"}]},
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Figure 3 The sample of the military news text dataset
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Table 4 Quality indicators and the corresponding description
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Figure 4 Display of quality indicator results
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Table 5 Statistical indicators and the corresponding description
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Table 6 Event type distribution and event element completeness
HRR FERANH B TR TEEE
g+ (Non-event) 6003 —
AL (Experiment) 907 0.772
#>] (Manoeuvre) 4299 0.828
J&7~ (Exhibit) 975 0.839
& (Deploy) 287 0.883
HAMF (Accident) 296 0.881
fREE (Indemnity) 75 0.917
% #% (Support) 158 0.947
RT TR
Table 7  Entity type distribution and event element completeness
SEARRRY AR BEZRIABHIEARNHL
B E (TIME)D 16410 10510
BUf Sk (GPED 10480 6137
& (EQU) 28792 9549
A%y (PER) 10213 6115
HEl (ORG) 21280 10469
Hogi (LOC) 9619 6444
Wit (FAC) 714 498
R 8 LEKRRERISA
Table 8 Entity relation type distribution and event element completeness
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1)@ (Belong) 12705 6783
&4 (Carry) 3008 1955
£J& (Subordinate) 11744 6607
24 (EquaD) 8903 5828
#o (Hostility) 428 377
W (Develop) 1592 1172
4 1E (Cooperation) 1701 1099
HH (Fellow) 171 130
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A dataset of domain events based on open-source military news

HUANG Hongbin®", SUN Jiao!, WEI Hui!, XIAO Kaiming!, WANG Mao?, LI Xuan?
1. Laboratory for Big Data and Decision, National University of Defense Technology, Changsha 410073, P.
R. China
*Email: hbhuang@nudt.edu.cn
Abstract: The text dataset of the military field is the basis for event extraction in the military field, and the
datasets of high quality can effectively promote the study of event extraction in this field. However, the
event extraction dataset commonly used in the real world (such as ACE2005, etc.) is oriented to the general
field, and the text corpus resources on military events are scarce. Therefore, we collected a large amount of
military news content from public military news websites. Firstly, on the basis of text content analysis, we
first established an event model of military news including event types, entity types and entity relationship
types. Secondly, we manually labeled the text data according to the event model, which was iteratively
verified and corrected simultaneously. Finally, we obtained dataset of 13,000 high-quality military news
events with a full variety of labels. We make this military news event dataset publicly available in this
paper.
Keywords: natural language processing; event extraction; military news; dataset

Dataset Profile

Title A dataset of domain events based on open-source military news
Data corresponding author HUANG Hongbin (hbhuang@nudt.edu.cn)
Data author(s) HUANG Hongbin, SUN Jiao, WEI Hui, XIAO Kaiming, WANG Mao, LI Xuan

Time range 2010-2022

Data volume 25.6 MB

Data format *.json
Data service system http://dx.doi.org/10.57760/sciencedb.j00001.00486

- The dataset contains 13,000 military news, stored in *.json format, with a data volume
Dataset composition
of 25.6 MB.
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