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Fig. 1 Model structure diagram
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Fig.2 PissA fine—tuning structure diagram
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Fig.3 Search enhanced generation process
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Abstract: Objective To construct a traditional Chinese medicine (TCM) knowledge question—answering model with
strong reasoning capabilities and reliable results, TCM Q&A datasets and TCM literature were fully utilized. Methods
Large—scale TCM corpus and Q&A data were collected and organized, with ChatGLM3 serving as the base model. The
PissA method was used for supervised fine—tuning, combined with retrieval-augmented generation (RAG) techniques, to
build a TCM knowledge Q&A model that integrates supervised fine—tuning and retrieval-augmented generation. The
model was compared with ChatGLM3, SFT, and RAG, with evaluations based on classic metrics such as BLEU,
ROUGE1, and F-scores. Results The model in this paper achieved BLEU and ROUGE]1 scores of 14.5830 and
34.6730, respectively. After incorporating retrieval—augmented generation, the model attained an F score of 0.6398 in
the inference results on a TCM dataset, outperforming the ChatGLM3 baseline model’s 0.2654. Conclusion  The
construction method of a large model in the TCM domain that integrates supervised fine—tuning and retrieval
augmentation can effectively enhance the model’s reasoning performance and reliability in TCM.

Keywords: Supervised fine—tuning, Retrieval-augmented generation, Large language model, TCM knowledge question

answering
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