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Construction and Empirical Study of a Group Opinion
Extraction Model for Online Public Opinion
——A Case Study of Live Pig Spot Online Public Opinion
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Abstract: [ Purpose/Significance ] This paper proposes and constructs a group view point extraction model, which
divides the opinions of online public opinion groups while extracting key keywords to demonstrate the essence of group view-
points, providing reference for public opinion guidance. [ Method/Process| Based on the LDA topic model and TextRank
keyword model, this paper constructed a group opinion extraction model and captured the online public opinion data with
pig+futures as the key words as the experimental sample. After calculating the optimal number of group opinions, the study
divided group opinions and extracted core keywords to reflect the semantic connotation of opinions. [ Result/Conclusion ]
The group viewpoint extraction model based on LDA and TextRank can effectively classify group viewpoints based on seman-
tic connotations and extract core keywords. After extraction and sorting, the keywords can clearly reflect the core semantic
connotations of each group viewpoint, which is helpful for serving financial and public opinion regulatory agencies to carry
out reasonable public opinion monitoring and guidance work based on the spot market situation, semantic connotations of
group viewpoints, and the stage of peak quantity.
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