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Abstract: To improve the accuracy of Direction Of Arrival (DOA) estimation in Multiple Input Multiple
Output (MIMO) radar systems under unknown mutual coupling, we propose a mutual coupling calibration and
DOA estimation algorithm based on Sparse Learning via Iterative Minimization (SLIM). The proposed
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Tab. 1 Nonzero mutual coupling coefficients setting
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Fig. 6 RMSEs of the proposed algorithm versus SNR for

different numbers of nonzero mutual coupling coefficients
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Tab. 2 Different mutual coupling coefficients
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2 [1, 0.1552+0.2875j] 1, -0.2637-0.1667j]
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Fig. 7 RMSEs of the proposed algorithm versus the number of
snapshots for different mutual coupling coefficients (SNR=10 dB)
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Tab. 4 Computational complexity and running time for the three algorithms
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