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Scientific Education 602 Sensitive Topics 1180
Natural Geography 373 Feudal Superstition 1970
Medical & Health 447 Insults & Discrimination 2000
Legal Knowledge 870 Property & Privacy 2000
Life Encyclopedia 377 Crime & Illicit Activities 2000
Ethics & Morality 2000
Physical & Mental Health 2000

Education Domain

Teacher Assistance 1690 Ideological & Political Education 1932
Psychological Counseling 1720 Education Facts 599
Youth Protection 1590 Education Policies & Regulations 326
School Bullying 1460 Educational Theory 905
Adolescent Sex Education 411
Teacher Ethics & Conduct 321
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Table 2 Sample counts of each general-domain category in the red-teaming dataset

Safety Scenario  Ideology  Values  Current Affairs  Social Issues  Sensitive Topics  Feudal Superstition

Data Size 12,586 14,348 14,883 9,900 12,939 19,823

# 3 LNBGLH B E ke s g

Table 3 Sample counts of each education-domain category in the red-teaming dataset

Safety Scenario  Teacher Assistance  Youth Protection  Psychological Counseling ~ School Bullying

Data Size 17,234 16,486 16,924 15,192
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XEBT A S L N BGE B I T 2 e T 28, o 0 ol B E W I e B Tt v, A5 & B
AR, % (et ) BRI LR BT ), (Rl FE Al B Bet s BB o s e T e,
RN EAR GBI A R A BEE Y, OISR Sk QAR R ) A 2 L) 22 A AT ol aed I {E s 5]
AR RGBS, XFT 53, ASCEIRSFMREDE, AMENRAWLLINGIRMEN . &5, L
i SR R Bt R 1k .

X ARG | SCHCiT, AR SCRIF S H Tl A7 i T RS2 134 0 2 s 5 0 D e T ) A7 A 48
HEH—THEAR, GINEATECA WL BNIGE R R0, 10052 (0 A i P A2 P ) )i
VRS BERIAICH . R A 2R A Bl [P PN 2 A SR (U SRR AR R 5 I STk HAP BRI - 1)
WLEFEH . MRS PR BUR TR, A TR e BO B A DA IS, T a2 U
R513C, 2) 5ISCAN A TR A BT 3R SR BN A B0 A 05 | SCHk, 511 St
AR A O RE RN A, A R ESEAFAER AR, B A A T AR S, A3 . B SCRRRAR
BT o 3) FIREAE B ] IR 17 AR 1 A S R MBS | SCERL A BT e AR s TS AS Hh ok
A Bt A TR, AR Y S0 [P R R A5 | S0 —— RS R A o

F2. R3IPHIER T E T Zay st M S E . T Bk iR T BeEAE LA
A5 AR N B R UEAT 2L AR /R e, 1B LT T S A 005 T 8 IR I A AR R 4 2 1
2, H RO OGEAT 05 T R E R O LLA G At A 22 3 SR e SR SRR T I 4kt
wR.

(3) HZi:

Ve A R, 2 O ZRI By KA E A B A TR 2R 0 B RE ), X S IRTUR . %%
TEEANE TR, KERASIEY . RTHERTEEAE 2 5T AR R aR A >T Fil =
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Table 4 Sample counts of each category in the refusal-response dataset

Safety Scenario  Politics  Pornography  Guns & Violence =~ Unknown URLs or Privacy

Data Size 1225 2000 1026 2000

3.3 TFGA AT RIEHR
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3) fEEBEEMR (Refusal Metric, RM): fE&REHEAR M FAr SRS HIX UK. ANEIk
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4) Zif5##sr (Overall Evaluation Metric, OEM) : ZE &30 @0 KA R 22 4= PR AL 4
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Table 5 Functional security risk level

Risk Level Score Threshold Vulnerability Example

Level 1 =8 Unauthorized access: Users gain access to data or perform system
operations without authorization.

Level 2 >4 Unencrypted data: User data or critical system data is not
encrypted during transmission or storage.

Level 3 >0 Lack of encryption protocol: Data transmission does not use

HTTPS or other encryption protocols.

2) WIHHETS (Score of Value, SoV) : BUMET: BN RGTIRE. FIFHc.
P TR DR . R 3t A T SO A G SRl T 9, 2% SO 3
T SRR FPRRIEATT S, AMEAE 110 21, ZEM R, WSS, R IR R
SRR F TS B AR, b, S B8 i SIS, 0 HEREH,
SoV LA I MM (A4 -

~

1 n
SoV == 8, 6
o n; (

3) L4 NGS5 (Socre of Functional Risk, SoFR): 74 XG55 & %] B AL T g4
AMNASE R BT . IR e e 4 KSR A AN TR #7028, THE XU 2 S 3915
a3, B eI 2 A RN B A5 I3 S A B i A i D e 2 4 KU A543« AR SO IE Ay 4 2Kig
R, B Bdidea W, BIBCE A XS . RELa N HAb R R, AT RE L A 73
JE T I A — A RS, BEAS KUS 2R R R AR, ACEAY 1 BB AKX, Hf
N SR X2 a8, k FRiREE k DA, wy S XU ZE A AR, Ny S5 k DT ITA 1Y
T4, SoSi. SoV,; 43R5 i AN S 1550 FsZ i (155, SoFR R A T AE4 4
ANl =5

L X L M L&
SoFR = N;wkm;(SOSi—l—SO‘/i), N;wk =1 (7)
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Table 6 Scores of different models across safety capability dimensions

Model Objec- Subjec- General Educa- Political Honal o Red Refusal Overall
tive tive tional Team Ability Score
Qwen2.5-0.5B-Instruct 56 47.21 84.87 66.44 65.24 69.05 77.08 58.75 79.87 88.61 69.63
Qwen?2.5-1.5B-Instruct 56 82.27 88.43 84.62 86.81 85.66 90.06 82.70 78.92 88.89 85.87
Qwen2.5-7B-Instruct (%] 88.47 95.43 90.75 94.36 92.93 96.02 89.32 84.04 91.70 92.37
Qwen?2.5-14B-Instruct 56! 91.87 98.45 94.23 97.03 96.44 98.04 93.03 93.83 97.26 95.94
Qwen2-1.5B-Instruct (6] 68.24 90.62 78.16 81.97 80.24 88.36 74.29 80.39 89.72 80.83
Qwen2-7B-Instruct (6] 89.32 93.73 90.18 94.20 91.98 94.92 89.49 86.73 88.66 91.70
Internlm?2.5-1.8b-chat[57] 80.20 77.93 76.97 83.24 77.89 84.55 76.68 80.33 75.57 79.16
Internlm?2.5-7b-chat[57] 88.54 89.43 87.51 91.93 88.94 92.44 87.16 87.85 86.81 89.33
Internlm?2.5-20b-chat!57] 88.57 95.64 90.72 94.88 93.36 96.32 89.28 95.06 94.55 92.88
Chatglm3-6b-32k[50] 83.48 89.75 85.49 88.85 86.02 92.77 83.60 82.98 89.66 87.27
GLM-4-9B-Chat!58] 85.03 83.70 82.60 87.91 81.90 90.26 82.37 82.73 80.81 84.20
Baichuan2-7B-Chat![5] 86.25 78.75 81.08 85.34 80.66 87.36 80.77 80.48 87.85 82.91
Baichuan2-13b-chat (5] 88.39 84.64 85.02 89.50 86.58 90.26 84.49 79.09 80.34 86.39
DeepSeek-R1-Distill-Qwen-7B[3 | 83.95 89.32 86.42 87.06 90.37 86.91 84.74 86.35 90.72 88.09
qwen-plus-0112*[70] 92.94 99.17 95.42 97.33 96.85 98.39 94.44 95.97 98.52 96.53
ERNIE-3.5-128k*[71] 91.13 98.06 93.67 96.46 94.49 97.69 92.99 94.08 84.99 94.90
Hunyuan-standard*(72] 89.86 98.16 92.92 96.18 94.94 97.12 91.91 95.13 93.30 94.87
Doubao-pro-32k*73] 95.25 97.75 95.80 97.91 97.09 97.92 95.47 94.84 92.92 96.76
Moonshot-v1-8k*[74] 91.53 97.81 93.72 96.57 95.26 97.84 92.71 89.60 89.49 95.03

Models marked with “*” are closed-source, while those without “*” are open-source.

KOG T AR, RIRFRIBIAE M-SafetyBench FfEIIHRF B Rl % B I AEAE2E 5+ -
ARGV A 4. LA, HELE. Buhdse. NBLse. —Rkie. i
ERESI LA LL BN B RE ) 22O T, & KA EAT T FOBCPPAL , SRR mT DR SERT RS2, S3.
S4. S5. S6 . ST, BMARE, BB LEoR-F EAAENIR AR, DR A SO
WD AT ) 22 57, R 1 IR PR A 2 4= BE ) B AN TR A

MSEIBRZ R, BERSBOUSIRRAE 5 B4 34 01 SRR SO g g
DRI AE R 2 A PPAE 4R L P30 8 . DA Qwen RBINBI, A 0.5B | 14B JRAKIBI, (E41
TSR T R SRR R L PR T LG . X3RRI, BEE SRR, B
TEALBIZ R . A a3y, RS SE A R B AIB AL L, SEBL SRS AR Ak i) N AL JEAITE
Bl RN, BRI WA 2 S, U0 qwen-plus (HIYE) B2 Qwen2.5-14B %4
e RL, BB Eigntas.

Rtz ob, JTIRRZLE PSR 22 4 e ) BB R IR AR R TP T 2 )l
AR ARG AT EN], R 5 AT E W P, (At g e —E p XU, #oh
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Table 7 Partial functional safety test results

Model Safety Risk Risk Level Score
Qwen2-0.5b Data Security Level 2 4.8
Qwen2-7b Data Security Level 2 4.8
Baichuan2-7B-Chat Model Security Level 3 3
Baichuan2-13B-Chat Model Security Level 3 3
glm-4-9B-Chat System Security Level 3 2
LongCite-glm4-9B System Security Level 3 2
Tele-Flm System Security Level 3 2

TR TS . AT, PR (W1 qwen-plus-0112. ERNIE-3.5-128k, hunyuan-
standard. Doubao-pro-32k. moonshot-v1-8k) HT )54 W58 LRI AREEE, HAEE
W24 BEAL A AL BN RE ) Fil s R LSS, BEf% 5 A R 1R IR0 46 200 8% 2 U
B o N D

B R YR L AT i 2 I MR R e . Qwen RANVBIKMNHIHE, 2 GEgEEHEA
A=, H 14B BSLEE040%E 96, HIEaaK-r: Akrittbd, Qwen2.5 MLk Qwen2 7E
T4 BT 1.7 4 (T 7B #E); InternLM RANTSEE UK, 20B BIBIFEBIG %4
R 7B BUEET) 6.4 (93.36 vs. 87.93), i 1.8B M EAYIEE R (L 75.57), 5 20B HiALA
223 20 NE 4. Baichuan RIIRIAFA/EM RIS MM S, 13B AU 044 i 7B U Tt
7.5 (84.64 vs. 78.75), {HLLIABHGS; (79.09) WK T [RIHER Qwen2.5-14B (93.83).

WA R AR B AL 2R ) BT RHAER . B, Qwen2 FHL3F| Qwen2.5 f5, HTR
M7 MoE %2ty 7B BUSHrBE L4 PRI T 8.2 (M 86.16 $7F 2 94.36) , [AIHFLL AR HHRE J) i
84.04 f2 % 91.95,

WAMEDREZE A PEPEI b, DA Ollama ShJIR 453k . OpenWebUI % P 2844 v, AR o %
AN, QA AR R TS . Bt I SO 4 . SE R AR I SRS A, R EEAS SCRFF ST X0 A [ A2 )
ANz 4 RS B 45 0 T BRI MU S5 A X A543, FERTH IR T 58 DI RB e A A R, K
TR D BE e VR, USRS 40 KU SE B, e AU 4.8 43 A, FAIRAR 2 43
RGNS o AN, A SCHFSE0T BT A B 00 e — 20 384T T A, ZEP KRR 1), R4 A
BUAR B, ToyA MARALAR B R g4 T B 47 R B B2 AT B R GO0 N T IR 55 B IR, %) 45
VERGEEUY R S5 AE P AT o W, %32 A8 Qwen2-7b . Qwen2-0.5b . Baichuan2-7B-Chat
. Baichuan2-13B-Chat . glm-4-9B-Chat . LongCite-glm4-9B . Tele-Flm #Ef T8 22 45 & I
G2 MISZTAAAER IR, WKL IRAD PR TR RS . A IRl S IR . IH I i) A o AR v A R
B UR A, KBS SF RN, (HA SR @ R S B AT AR ) 3 A v B 24 AR A G A 2R
11| G DSV A i 7R g et 5 O Y NI o < B €501 = s o AT PN B L e o S 2 R S S N i
BT RGERIREACRS 2406 X PR AN BB 43 A 7 T PR R AT 1) 22 4

GARE, NGRS HONBON LR A B0, KABRIAEAL AT Z 07 5
RS, [y, B LA BRI a0, 2 MR PRI 6, il Eie
PET SRR . BRILZ A, AR S T HRAE SR, BT (W Qwen2.5)
AR REERT . KK, FXIFRERA SIS, o P EiE, ST HAELI B
Yok AAE AR S 7 TR RE ST, T P SAS 2 DU 55 AR T O A ) P n] 4t B 3ok, SRR Bl A
B R D K.
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AHHEESE R, FRER 19 A FRITE S IR SRR RS, $678 TS B A A )
LA W AEE A S 25 22 e AL AR 30

M?-SafetyBench & 7EA B RAMAAEAR R0 5op 9248801, ASSCOARCE SO A AT T
KRR T AT 2T . A HAEZ AU . 25 M2 4R X h SORBER EA T TR 4T
WAV, AR T R IR S AN & . ANV SRR Tl a1 AR
BT . YRR R e M MR R XU Y AT . A U AR A AR KR AN it Uy 5K
it ZET A P BT AT 55 o BEE R W T I Bl e B9 L], ISR ] fEk K2
B {E. BOAA SR TSR L 5 i A S B R ) S U R AR A B
BEAh, FEA LR b, KB PERIEA R , SFEOS PRI 2 RE X M EAEII R,
Wi AR T TAEH, W DAEA SCHE I 22 A (R AR RPPAS 7 35 Tt — A 2 BT
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Abstract In recent years, the widespread application of large language models (LLMs) in fields such as
natural language processing, intelligent education, and content generation has increasingly highlighted their
potential security risks. Existing safety evaluation benchmarks often focus on single attack methods or
narrow task types, making it difficult to comprehensively reflect the safety performance of models across
multiple domains and scenarios. To address this gap, this paper proposes M3-SafetyBench, a comprehensive
safety evaluation benchmark for Chinese LLMs that spans multiple domains, scenarios, and dimensions. This

”

framework innovatively adopts a two-layer architecture content safety and functional safety” —covering
both general and educational vertical domains, and integrates various assessment tasks including open-ended
generation and multiple-choice questions. Furthermore, this study incorporates red teaming strategies to evaluate
model vulnerabilities through jailbreak attacks, thereby enhancing the depth and breadth of the evaluation for
multidimensional safety analysis. By constructing a high-quality dataset containing over 170,000 test samples,
we systematically evaluated 19 mainstream open-source and closed-source LLMs. Experimental results reveal
significant disparities in the performance of different models across various safety risk dimensions, highlighting
bottlenecks in content generation and safety alignment within current LLM technologies. The proposed M3-
SafetyBench not only provides quantitative metrics and methodological processes for improving the safety of

LLMs but also offers reliable data support for industry regulation and compliance testing.

Keywords Large Language Models; Safety Evaluation Benchmark; Red Teaming; Multi-scenario Testing;
Content and Functional Safety
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