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(a) JWK¥E Ephedra sinica Stapf (b) HEH%S L Caragana leucophloea Pojark
B 1 RAFEHEY EGER R A R )
Figure 1 Sample examples in the dataset of natural grassland plants
ANFEEY BRI EE SR 1R .
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Table 1 Distribution of plant samples in natural grassland plants
g AR 24 &
1 AR AL Kochia prostrata (L.) Schrad 201
2 WA Stipa glareosa P.A. Smirn 213
3 V=1 Artemisia frigida Willd 261
4 b X B3 Saussurea xinjiangensis Y. S. Chen 253
5 AR RS )L Caragana leucophloea Pojark 247
6 IxTvE Peganum harmala L 226
7 R Ephedra sinica Stapf 269
8 FHTUR Kalidium foliatum (Pall.) Mogq 264
9 I Iris lactea var. chinensis 213
10 WH Allium mongolicum Regel 222
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Abstract: Desert grassland is a type of natural grassland, with Xinjiang boasting the widest distribution of

this ecosystem in China. The plant image dataset collected in this region can be used as the most visually

informative resource for experts and scholars to understand the plants in this area, as well as the basis for
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species identification, plant classification, and scientific research efforts. From 2020 to 2021, we conducted
a field survey and image collection of natural grassland plants in Northern Xinjiang, and meticulously
sorted and classified the collected plant photos. A total of 2,369 field-shot plant images were obtained,
featuring 10 common natural grassland plants like Artemisia frigida and Stipa capillata. This dataset has
been rigorously classified and identified by botanists. It can serve as the basic data for developing an
intelligent identification system for natural grassland plant images using deep learning methods, and
provide technical support for vegetation investigation and research in the region.

Keywords: Natural grassland plants; deep learning

Dataset Profile
Title A dataset of natural grassland plants for deep learning image recognition in Xinjiang from
2020 to 2021
Data corresponding author SUN Wei (sunwei02@caas.cn)) ; CAO Shanshan (caoshanshan@caas.cn)
Data authors SUN Wei
Time range 2020-2021
Geographical scope Northern Xinjiang
Data volume 1.2 GB
Data format *ipg
Data service system <http://dx.doi.org/10.57760/sciencedb.07727>
Sources of funding National Natural Science Foundation of China (31860180, 32060321,32271880).
The dataset comprises 2,369 images of desert plants in Northern Xinjiang, covering 10
Dataset composition types of dese'rt”plants, 1j1amely Kochia prostrata, Stipa glareosa, Artemisia frigida IfVi'lld,
Saussurea xinjiangensis, Caragana leucophloea, Peganum harmala, Ephedra sinica,
Kalidium foliatum, Iris lactea var. chinensis, and Allium mongolicum Regel.
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