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nearest neighbors)”’ f1 SVTI(singular value thres-
hilding)"**!.

Choi %5 NPIEIRABLAL [ 60t B, L0302 I
A E 3 H e T 22 2 T AHE B8 ——QSpec, #4111 L
E R R T A RS L O TR R T S G
Fabr, AT RLEOU A W 2 /4% FR AR 2 R b
WG b FiE B 407 M AP R S B, T AN A ] R e 2
seR A, MIER TR EE RS SR, Jf
HAGE A AL I T B RO e B R, SRR,
Booth % A POSE 3 ] B0k g DU TR A A, e X
SRR S e vt B BE-Giih &, /£ Ho 54T
T, Mgt & BB A e AR e R P
B, LD LS PR ke 72 S Rk B AL

Serang % NP7 T Dirichlet 3T 42 H! npCI(non-
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DL BT 078 TR AR 2 Ae 8 = 45 R ALl b
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FEUAH HE T 0 M AT RS bottom-up
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vHEON A Ty Z AN TG ZE I HE, 8 F R A
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TR LA 22 I 22 5 a0 A eh, A 45 SR 2
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or 58 AR AR B PR 45 A, ST o5 A e 2 A b B iR
R B (V) 1 LE 5] it 2 I BH 1PE 2. (false positive rate,
FPR=FP/(FP+TN)). X} TER A 56 1) @, A8 ]
PORLEG TV, HAFAEIE 2 RE R IR, Rl &t T
T A 2 O 1 A A R A T SRS 1 A o &
i 375 &f SR 1) Jo B 4 o) ) A S L A T A R O
M2 S B B A N A5 ik, it 20048 SRS 56 &5 SR A1
FHPEZE. 2% 2 fiR T O A S0 5 8 1 22 e AR 0T
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FEAKE 5 0.01 RS OL T, 5 I 10000 A H
TR, W24 100 N8 A AR, X1
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P HREATRIE, 3 SR B 2 RUE B 1 26 (false
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% B ABCRR B (multiple hypothesis testing) & f5 7
I 0 22 ANMECBEAT AT SG, H SR 2 A R R B
BGAE N — AR, AR 0 IX AN AR A ) B A AR 1 [
B HEATAG 6. v DA B R AR Oy, 1 B R
& 1B [ S B (M=TP+FN+FP+TN) 5t /2 18 % K % 1)

2.1 SRR PR

AT Z RIS I, A T B P AR T R
I T B AE R R R I — e e N T
T2 AL I () R R R b e R ) T (family
wise error rate, FWER)™!, 45 % Bl 2 (FDR) ™ Hll 1F
HER R B (positive false discovery rate, pFDR)™*).
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a5 b 2 D I AR H P AR ) b DU
5 FH B RS 56 7 v 2 39 36 1] JE (Bonferroni) 32 PO FiI
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ANTR] P RS 36 TR T (1), E 5 35 B A, DRk
‘R EREAKRHR D, B2, FWER #EN] foiFsK
e RS — e WARFEYE, 7ER 7 28T, Jl et 2
T H 5 kR 1) Permutation A1 Bootstrap #EAT#45H. €
JEENMRSE, AN A Ol R A R R 5
i) AU, T T — AN AR .

1995 4, Benjamini A1 Hochberg >4 H1 3 (1) )i
HEW) FDR, X¥% BH FDR, 5 X N: FDR=FP/(FP+TP),
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P oy T ek At HEER e [36]
npClLEH ke EK psm [3738]
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With rapid development of mass spectrometry, proteomics has become a popular research field following genomics
and transcriptomics. Searching for reliable differentially expressed proteins will be crucial to biomarker discovery.
Therefore, how to find out differentially expressed proteins accurately and sensitively has become one of the most
important subjects in quantitative proteomics research. At present, there are a few research strategies focusing on this
issue, but these methods have different applicable scopes and limitations. In general, the statistical strategies for
selection of differentially expressed proteins based on mass spectrometry technology have three categories: the
statistical strategies based on classical school, the statistical test strategies based on Bayesian school and the others.
These methods differ in the application scopes, features and disadvantages. In addition, some false positive results
will be generated during the process of selection. To improve the reliability of the results, new methods are needed
with the development of quantitative proteomics.
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