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Figure 1  (Color online) Illustration of the evolving process of hypernetwork model.
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Figure 2 (Color online) The log-log distribution of hyperdegree for
situation 1.
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Figure 3  (Color online) The log-log distribution of hyperdegree for
situation 2.
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Figure 4 (Color online) The log-log distribution of hyperdegree for
situation 3.
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The research on scale-free characteristics of hypernetworks

HU Feng’, LI FaXu & ZHAO HaiXing

College of Computer, Qinghai Normal University, Xining 810008, China

The scale-free model is a pioneering study on complex networks. In the real world, most networks diaplay the scale-free
characteristics. The formation mechanism of the scale-free networks in complex ones is based on two generic mechanisms:
growth and degree preferential attachment. In this paper, it systematically studied the scale-free hypernetwork formation
mechanism on the basis of the hypergraph theory. As a result, it also finds that the scale-free hypernetwork has something
to with hyperedge growth and hyperdegree preferential attachment. These two factors are indispensible. This result can
be used as a reference for the cause of the scale-free hypernetwork and the judgment of the scale-free hypernetwork in
reality.

scale-free, hypernetwork, hypergraph, hyperdegree preferentially attachment
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