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Abstract: In the field of aviation, the flight skills of trainee pilots are directly related to aviation safety and opera-
tional efficiency. Based on the training data of flight trainees from a branch of Civil Aviation Flight University of
China, the Pearson correlation coefficient is introduced to evaluate the strength of the relationship between features
and target variable. Based on the correlation coefficients, the key factors influencing flight training are identified,
and a novel decision tree model based on Pearson correlation coefficients is established. By optimizing the model
with various thresholds and tree depths, its performance in accuracy, precision, recall, and F, score is optimized.
The performance of the new model is compared with random forest, multilayer perception (MLP), logistic regres-
sion, decision tree and enhanced gradient boosting decision tree model. The results show that the new model is of
superior performance, and can provide the effective guidance for flight training, and offer the theoretical support for
the evaluation of flight training.

Key words: trainee pilots; flight training; affect factors; machine learning; decision tree; Pearson correlation coef-

ficient

Wi EHE: 2024-05-16; fEEIHHEI: 2024-06-30
EEWMB: MR AKF RS LA (12371301 ; RM €T AR S ©IT% 4 & 85 = 3 B (FZ20222205, FZ20227X35,

FZ720227X60) ; ok i A% FLAR R 45 9% ¥ Bh il H (PHD2023-056) 5 F %4 4 it 7 @ % 3 4 (ASSA2022/241)

BEEE: HiE3C01978—), B, Wi+, #HZ. E-mail: hwxu@cafuc. edu. cn
SIS R, P, B, L mim AT SR AT N GRRm R RS (0], s TR, 2025, 16(2): 79-85,92.

ZHAO Yunxiang, LIANG Zejian, HUANG Hong, et al. Study on the factors affecting flight training for trainee pilots[J]. Advanc-
es in Aeronautical Science and Engineering, 2025, 16(2): 79-85,92. (in Chinese)



80 fiias TR

L 516 &

0 35l

FE 23 A R, TRAT BRI 2 R DR A R R
fii2s 22 A I G BRI T AR O B 2 SR B2
FALAE 2 > AR B &, ] A1 FH 3 28 g ik R
PRI AT B I 2 A S5 R S Y A 5 A AR
FME S A AT U S A VEAR i R o
O3B AT LA AN ZRRE H R 26 B0x B e I 5 R
AR BT,

DX 51 T 45 45 19 AT N 3T A 07 v OF kAT
SRR RS R R R E AN R R A
AR, S BOI xS L ae R B AL B i HBE imi
Tk 6 B SE A A8 AT IR EE I AR ) BE Bl 2
LB HEARE SR EREARA., DE&H
SR N Y A SRS S RAT AL B BOE PR 0 ST K R
FAR 7R T Un Aol 38 3 2 b (4 S0 FE 396 58 )1 25 9 45 Y
Jo e RS 5 LA AR i 25 G Petrd X 3k
P BT — AT USRS Ak g HE 1 7
5, 3 Pl ik B A A AR UE I 25 AR Y TR I A KRR
B b 2 = AT Uk AR 5 Grote YRR IR T 40 S
17 T AR P BN B v ) B R O AT IR o
FUB WA ORI T A T B LA 5 Can 551
PN 4 il 450 50 £ 56 T AR A W O kT R A O
P4 B 0 R AT I G XU A R P 5 A
U8

UL 4b , Gopher " i 2 4 £ 1 v 25 W03 100 K
P12 0 18 2y, 3 R O 3 R AT B 4k R4
PEAGARAL T RE 2K 5 Lee &2 B T 16 AT Y2k
) 43 AR v g R R LR e, A Bl T RS B M
SE LN 5 v 7 B TR A B Y 908 ; Kumar 581 g
T AT KR ) P e 5 B Bt AL R PR A AR A T —
A BT R R R s @R T L BB S S RAT ISR 4R
6 TR 0 104 B0 S BI85 AR % SRR Ak 2
Gy TR T O S R (1 2 (] R AT RS A
PUE AR A3 B 5 3 R T 0™ i L B 2 20 BE AR il U
2, R AT IS i SR W RN O TR Ak B AR AR TR
Bl A5

S5 LR B BLAF FOHL RS 2 ) HOR A AT
DIV VEAS o 4 07 P 2 AR DI 25 B i AN AR
B ko SR, XF R W AT 2 B R B TR 3R
Btz R R ALY . AR SCIRAT R E R M A €

il

1o b 8 1 R AT NI ZR % , 51 A Pearson A
KAB ek AT 2 5L RAT IR S B2 R P 3%
VAR RS U TRITE S R R T BURE A
[Fi) 1] L 1 e SR A R B2, G P 5 8 A E Wl R OKG
A R F B R B O 5 LG0T i bl
PBLARAR 2 2 IR HL (MLP) (86 B2 42 TFH e S (32
1] 1 R R SRR A5 T L A

1 tHXFHE
1.1 Pearsontlx &%

Pearson #H 3% £ %, JRFK N Pearson #H ¢ M |, J&
FH R i RS AR R 22 TE) R R A O R B A ST 4R
PR B R R A R A AR TR Y A
KME HHUE W I 7E — 1~1Z W] . Pearson A ¢ &
B LA (D FR .

Sai—a2 ) yi—y)
r. =1 (1)

n

2(11_;)22(31,_5)2

Ko, IR 5 XY 1 Pearson #H 5& R8s n W EE
AH s F A0 o AR XOR Y (5 i REAE
TRy 4 R A B XY (0 RE A 1

1.2 REH

P S 2 — BRI R AL AR = > Bk e
IR AR v 2 2T 0 phe SR U ke T B S Y
" e g SRR I, 2P R EE B R R
WA g5 M 25 R Gini A 4lE R B A

R S E, 2 A R0l 4R 4l W IR AR 2
— HAF AW (2) s

E,(S)=—3p.log.(p.) (2)

L 3 1 1 AR o 1T
S 4 B 06— O I R T 0 B A O
SR PR A5 O S 43 1 )26 3 B4 o 6 1
BT, SR AR I (3) B
m&A>Exa2EﬁMa> (3)
S A KRR B VA BT B 1S, b
THE A E % o 6074551, 1 1S] 45 5% F 8
Sl K.




%2 s FE A T I KA

5 BUR TRAT Y SR R PR P 81

WG CASREME L P TR
PER AR, & 78 v B A S A5 O L 8 1 U 2 /Y
JE PR A, B K (4) Firs .

, _ L(s,A)
(J,.(S,A)— S.(5.4) (4)
XA :S(S, AR T HEEMEASREEN

FRE .

S.(S,A)=— ZE'log<|E|) (5)

Gini A4l G2 CART (4328 5 [l 19 #) ) & 1k
T8 v n b e, Ak

s):1—2p? (6)

e p, R 5 A S5 B A 4R TP B e 4B

e PSR I, 5l T H A B A B AR R
8 Gini A 4l B2 25 48 AR 106 2 5 D0 09 JB8 1R 2 AT 19 a5 20
24, I 20 4 S 1 A DR SRR

2  Pearson #8 3% Z B B9 R SR B FTAE EY

A SCHRE ) — Fh L T Pearson A 56 5 80 P 3R
R B Y G B Y A R AR 1 B B B2 51 A Pearson A
KRB VL R A RRIE S H AR AR 22 ] 26
fé?i‘ﬁﬂéfi VEBE S H b5 28 5 A OGP 58 e 19 R AE

A3, AT DL B A TR T PR b A 8, i
E‘J?B‘i{ﬂﬂ/ﬁﬁ%f .

LR R AR Sy 5 . B 125, SR BB
Pt b o 2 BB Ak B L S R A A% A R
G I) B, XoF 288 00 KA AT A A K S e 4 R B
B, F28 HHHEENFIES B bR &2 E K
Pearson A 5 2 %, M2 40 AH 5 58 55000 48 XoF (B % £ A
RAMER W RRIE . W — B, R A X R
BOR T Z B RE . 26 325 8 5 ds 4 5 %0 il
SRAE RN AR | P 3 5 0 SRR AR A SRR £
Pearson A 5¢ 3 B Jhy 35 B R AE (0 440 , R 2 ik ¢
AH G 2 B0 o W RRAE AT 90 80 28 448 AE
AR FIPAS AR PR RE , (1 46 A G 45 M R A
AT e O K3 S Y G X st R 53
KRAACTEERE o 25 528 W U Sl g 50 0 38 28 ) A
FEIREE RS A AT A S W HL R Ak 3
TN 1R o

i RE 2 g A A

B IR AL B

15 Pearson i ¢ R4

PR SRR

I T

ALY

FI1 LT Pearson R SAM A5 R A B4 A0 1R A2 &1
Fig.1 A data processing flowchart based on the

VA

Pearson decision tree model

3 Lo
3.1 IR EIETAE

ARSI T b E RS AT B
Bt 1 AT 2% BUFE 45 IR /NI b 3 B 3 S B o
o B AR AL EE 134 4 AT BUAE 13 h RATI
R AR GRE R, B4R
Eﬂﬁiﬂﬁﬁﬁﬁ*ﬁﬁ BRI ] 87 (BRid iy 0) F ¥

R (CBR3d oA 1), T 5 2 B4 03 &85 S W) B LA — ot
{E%‘?ﬂ?,ﬂﬂ ANTE R (bR 0) fT 3@ ok 7 (i A
1) FEEAT B8 A B0 2 mi, Xt B0 HE 0 A7 AR B, 4
8 25 B AR B R AE B A BUBME B B (Cn ks
1R Bk & YRR B O E S 1 fﬁﬂ?“ﬁ"“) K A -
Ao B {E LA B i PR T A AR AR S A AT IS S0
£S5 AT

2o ABE, — 45 A R K AT BT B A T 4R
Jra st AT INZRRNE o SR, B X BT AT B
13 h “ATUNGHEAZ o, L 2e B 5, Qo Stk o 5
MR R % RAT R 9 A R Z 800 F
CATRAEVLRE BRI, B iR E
X F AT AU GRACR s A /N o R T SRR
FRAT B Z5 T f , A SCHFSE B 78 | H Pearson
ARBLE 43 M7 4% 6 I 25 o i R e S R E N
A R I 25 5w 19 1 T B4R B



82 i as TR

o516 4

AR IR 8 R A8 SCHR I P Y 10 47 28 R IE T
5 T DU G Mo A AR (492 AL E 7, I a2 [ B
U] 32y R B A SR

4 $8

AR VRS2 B R RS A R A R A ]R3
HORATAR 52 50 25 51
WEH R A T JE M RE AR BRE A B
i, A W (7) R .
To+ Tx
A_Tﬁzmiﬂ+FN (0
L Ty S B E A 85 Tl 204 A5 F A
A8 F R (8 G A 5
A 0 5% Pz 1A 00 Ry 1E 8 R AR B BT T
WA IE AR AS ) Lo i), 11354 =S (8) i
Tv
R:?ﬂjf (8)
A 813 R R IE B T0IN A 1 04 R AR B T A S
B Sk 1E B FE A A8, 35 A = an (9) i o
T,
Rc:m (9)
F\ 43 002 45 1 25 08 T0] 23R 0% 98 Fn 7 2 %00, H
F L5 A % RS # R A A R A X (10)
J7N o

3.2

P.R.

F,=2x——¢
' P.+ R,

(10)

HERRESMH

3.3.1 Pearson & RZHi1E

R A Y 1) AR L W BT A RRAE S E AR
A5 i 2 [8] 1) Pearson #H 5& 2R 50, A SCHFA A0 A& 414
HAAYN R H 5 5213 h %k 245 Bl id 5 75 i 6
%&ﬂ%ﬁ%%ﬁ%@%lﬁ%ﬁW@%ﬁ%%
15, $iAT H WL #E 2 W FE 7 (0. 464 324) 5 % AT
Eﬁ*ﬁ%f@méﬁ;%ﬁ@ﬁ%ﬁnéﬁ—\:\~1_$%J?
(0.372 303) , < jifi f& 1E H & ¥ (0. 363 683) , 5
Jit AR s 0 2 5 (0. 266 401) , 3% 46 HL A #5  AH %
B RRIEAR AT RE T AT 51 0 A I o YR AN A B
(4 52 W, IO 122 76 BRI 5 R R AT BN SR 45 7 o
Z KU

3.3 Ig

#1 Pearson# RE LR

Table 1 The results of Pearson correlation coefficient

% HE & B LB 11
1T 3R Al il AT —0.035 245
2 PAT RIS ST 0.224 108
3 ST IUAH N A PR A NaN
4 PUTA A AKG AT —0.050 033
5 SERURH G A G A NaN
6 BESTHATEIRT 0. 295 556
7 BSFEATR A RT 0.061 869
8 IEIHATRY 0.166 451
9 ﬁg%%ﬁ% S VR R AL 1 0,050 033
10 5PN B o8 BUIT A R A NaN
1 Tf{gémwﬁﬁﬂiﬁ Hh £ 1 DR A 3 b 26 0.106 810
12 sy VR HT RS W0 46 00 I 43S 0.228 166
13 T R AT e I T 4875 0.118 882
14 58 BUAR N S A BLAS A5 —0.035 245
15 $F7 HLHE B s 7 0.464 324
16 3 SF K EE BT 1 37F A S5 BRI —0.071 299
17 52 JRUORH L A A B 4G A —0.035 245
18 S Rk B e AL T 0.132 130
19 RSP/ AT I A SR BR NaN
20 St/ AT R 0.047 387
21 TSR IENLS) ©ATREY 0.145 727
22 ST AR PR AR 0.097 287
23 PR EAEIE NaN
24 SR U R T 0. 200 687
256 SCfRRIEML— SR 0.372 303
26 SUEALNE H R 0.266 401
27 52 UM VA A FURG A 0.032 852
28 St OE BT 0.363 683
29 SCRE AR E R 0.071 299
30 5E U I AS: A BRG —0.035 245
31 JHEhE T 0.227 699
32 SME CEUF 0.096 863
33 B WML E G R AF RS —0.102421
34 ESFHLG NGRS A AT U AL SRR ) —0.061 511
35 HREAHKERA 0.034 314
36 i KA RALMERE 1952 0.061 869
37 BENT A B PR A AR B NaN
38 AR KA IE Y A s NaN
39 Wi TCHLIE A —0.008 608
40 ST MV AT R A A 5k D) 0.227 699
41 FESE AL AT Ia] B AR R A S0 0.213 327




%2

ATz A A T ) RAT A 5 R TRAT IR e R R TS 83

57 AT AT AR (0. 295 556) , M 5F VIR
46 2900 0RO A 42 25 (0. 228 166) , 1 81 &2 KR JF
(0.227 699) , $47 & Zh AL )3 2 #2 15 (0. 224 108) ,
0 SF QAL AT R] BE AT R BRI 4% R (0. 213 327),
IXEERFAE A AH ¢ R BRI E AT S AT 5L E o PR Al
HEM KRR EN X B WG T AT B 5T
K — Mo 55 AH OC 1 BT B 3 A ORI A : SE K
AF I A A LR A (NaN) | 38 5F I8 A 2 56 BT A
KA (NaN) | 3 5F /N EE B R AT 1 1E A 2% R 4l
(NaN) , 551 2% 3 fF JK (NaN) |, 32 <7 24 24 25 B3 4 8
AR AU R BR ) (NaN ), 5 4 PR G 5 46 I A 45 90 A
ZOH (NaN) |, NaN {8 B 2 1% FR A /Y B A7 A 7]
DAL I T 92 3 B A DG o 3 S AR AU K 2 B AR A
) HEBE 1 ST RAR /. (AR EEE AR, AR
IR Y — L 55 FH OC 5T 58 3 AH OC B BE HAUE X BT
KATHL, — B A AT R AR A
YIFRA .

TE A4 Z2 T Pearson AH LB Y 2R 58 B4 A5 760 Bif
% B S o B AR O M SR A R AE |, TR A X SRR A T
A A] g X R AT B 1 VA A e E M R e
NaN 3 A G M 55 1) 8 1 78 #4 22 ok SR A 1 2 7 vh oS
fii .

3.3.2  FRAEBERE KPR A

1) 3 F Pearson #H 3¢ 2R 50 A9 SR E 2 B R AL , 8
o A [R] 15 A6 2 M6 2R RS AR 8 IR
YU BT RL R RE B ZE AN B 2 BT

0.98

09739 009652
0961 09531 ois = =
= 0.9409 | 09573 09528
B 094F = 0.935 6
2 one 1 09412 0.9407 .
A L o 09304
i 092 09237 09231 g.8
z :
REO90F  ges06 08876 u
s it . 0.895 5
i L
= 0.88
ot
. 086F 0.8629
4 o HEfH '
5 084r Fii =
= o fi[]=x
I
082} = RO 08134
°
080 1 1 1 1 1
0 0.1 0.2 0.3 0.4

{8
P2 S [ X6 A5 A2 58 2R 114 52 Wi
Fig.2 The impact of different thresholds on model results
ML 2 BT DL 2 B R 0. 4 B BE R A 7
B R O 0.813 4, 4% 8 R 0.862 9, A [l K Ny
0.930 4, F, 4% h 0. 895 55 4 B 4y 0. 3 it , 578

BV 38 R AR R 0. 917 9, K i B8R0 A [A] 2 4y
40,940 710,965 2, F, 43500 0. 952 8, R H
BEUT ) B AR T B 5 B (R — 2 B AR 0. 2 B, Al
RARFEAE 0. 917 9, (ERS 8 R #2785 £ 0. 933 3, A [
T — BB E 0.973 9, F, 4> B iR 7+ F
0. 953 2, 3 WAL AU 7F 4k S 08 H5 = R 10 % 10 6] B, 42
T A Il B R P BB AT SR L 75 5 224 0 i 4k 2L B 1T
B0, I, ER RIS A T REE 0. 887 6, K 1 R M A
[ 245 5112k 0. 923 7 F1 0. 947 8, F, 4+ 5t} 0. 935 6,
7R A B SR TR A ISR ORS A R AT T T B Y
B {6 A O B, BP2%5 5 i G R AE 455 80 (0% o 1 %y
0.889 6, 4 1 F AL = ik ) 0. 953 1, {H 4 1] 3R g
TREZE0.940 9, F, 70800 0. 936 1, 32 W52 A1 7 %
FE T R AR B RS B R A T B (HAE A R B
T4 4

EZ S T U 7 N T (R NS 1 R B
ROABRMF, 50 E,0. 2 BRI T
ST i v R B 3 RN R A [ SR 00 M AR A AR BE
BE BN 0. 2,

2) KT U R R Yk R A, i H AN
[F) PR 5 R R B W S T VA R RS A R L RS F
S BOR A MR PR RE LRSS R 3R .

0.98

S °
09632 098520739 40739
0.96 - 09528 0.9532 ] 0.9478
o 09573 ™ . .
. 0.940 7 '
ﬁ 0.94 - 09339 09328 09312 09478
R 0.9412 '
5 ° 5 z
. | 09304 /09179 o 0939 99153 09312
i 092 (] 09231 @
# 09179 995 1g9179 09153
w090F
n 0.895 5
é\f 0.88 -
H
086l
i "%l osezo 0.846 2
5 ° )
E sl . ﬁg&f 0.846 2
e Mz
sk o fHnlx
003121 = RA%
0.80 L— . : ' : ' ]
1 2 3 4 5 6 !
BT

Pl 3 AN [ phe SR AR T8 2 A6 A58 28 ) 52 1)
Fig.3 The impact of different decision tree
depths on the model

ML 30T DL 1« P 3R 00 P i i A R B 1 34
hnm g AR B — IR E RS TR
X PR R B R 28 R 5 5 4%, BE S R 4 R 4 Bk
FIi A AH G R B X . IR O 4 i R R A
S AR A, =22 S5 BV 398 B TR R R o R RS
B R B AT AR AL, R
— I TR R S S BORE R AT 2 B B 0 TS 2



84 s TR e o516 %
HORPERE ML TE . XRE, R ORAIE T8 1k g 0971
Lo AR U = 0.96 0.9573
3.3.3 BERIEAL 0os L
52 MR HLES 2 S BRI BEHL AR AR OMLP (2 =
&R 094 0.938 5

BT PR SR DA R e i S R B R R T SR R S
AR SR Y AE [A) — B U AR b 04 R g 1E AT X L A BT
A SRR R AR R F 5
B, BARGE AN 4~E 7 FE R o

0.94
093
0.923 1
092k 09192
091 |
ﬁ 0.90
4 089k 0.888 4 0.889 6
088 8736 0. 874 2
Ml
0.86
BONLARAR 2R MLP T%J*Fkﬂ‘ PSR AR
Pl 4 @%%N&
Fig.4 Comparison of accuracy
095
0.941 2
0941 0.935 1
093 F
s 0921 09191 09196
%
N
0.90 0. 900 7
0.8913
0.89 J
0.88
BONLARAR 2R MLP T%F"*‘Tmﬂ‘ PSR AR
Kl 5 ﬁﬁ%ﬁw
Fig. 5 Comparison of precision
0.99
0.9825
Ra

2
BEHLARAR Z4EEH MLP

BRRESRTE DRSS
LS

F6  #HmExt

Fig. 6 Comparison of recall

N 0936 1
0.3 | 0028 0.928 0
N i [ i
0.91 E

BEHLARAM Z4EEH MLP ﬁ%f@ﬁﬁ UM ARSI

@7<ﬂﬁﬁﬁw

Fig. 7 Comparison of I, score

M 4~ 7 0] DL H 2 AR SCRE AL SR 7E 3 TR
7T WG Eh T 2 55 (] TR E AL AR OB Y (H A
b F8 br b B B A H . X R W 5E i ] Pear-
son A 56 Z8 Bk A7 RRAE 28 8 0T DLt 35 4R T D 5 A
BRI PEfE R AH DG R B B B R AR o T R
15 B 5 R RRE .

2 TR A SO RS S A R R A SE R AE
WE PRI T HONEE Oy, O AT 51 13 h AT I 2k
Ik 55 A5 1) B T I TR T ) S
3.3.4 SERHT

55 T Pearson A ¢ Z B P 56 Oy 45 3L 53 Bt
PEHE T — A EOUL Y PSR B AR JROR TR RN 2R R
H ] 52 0 AT 24 5% I 45 5 HL R R )
TR UE 8 TR .

K8 T Pearson #H ¢ Z2 F 4 e S b

Fig.8 The Pearson decision tree model



%2

ATz A A T ) RAT A 5 R TRAT IR e R R TS 85

S B FAER MR INAFRH g5, F R Y AR
il , NAUCRAE T, i RS ZA H i,
R RN IZF AR, AR RN A A R OR
M, s R R R AL R . GERH 5B
FI 42 PR 68 1 26 W36 2 s

#2 FPHA%S S5 &R R

Table 2 Corresponding account number and account name

FHH 05 R H £ Fr
2 AT K S ST
6 TSF W AT RIR T
8 S5 it A TR )T
15 AT H B R
18 S I B A TR T
22 i Ty F e T AL
24 it G o B R
25 JMIR AL — SR
26 i A w0 A
28 T 16 1E H A
41 ST LI A v R A 3 I A 2%

TR R B TR A5 R AT F L R R
Fer R AT Ll R R RN R . BEE
LS NEIRV N/ NIt S (R E (e 89 T 3
— SRR RN S AE IE H R R A TR
R e v R AR

4 & g

1) A8 T BAFRE S B 5 48 & Z 8] 1)
Pearson #H5¢ R 5, Hor , 7 H Wi BB )F 5 €
A7 i B A e PR f g . R VR AL — = =il
Ry, 0t 1 5 AR Y, St HEmS R Y X
S B R A O R B RRAE , N 12 A A5 L)1 2
AT ROUNGR S T 2 L.

2) MR E A P AR R S R MR F
B0 T 5T Pearson AH ¢ 509 FRAE 356 £ 19 13
B0 0. 2 TSR VR BE g 4 B el o

3) TE [A] — B f6 4 b, A SO AU 5 Bl HL AR AR
MLP % 5 [0] 5 g 56 06 DL K ole F i A 6 5 2 T e
SRR Y PE e (HERA R RS AR IR D F
0 ) 347 T X #r o JE T Pearson A ¢ R 5k
AR R R €S EE = i e K s = N L R O & I
P AR I ] o S B P A T R
GEM5S) ERILT .

4) 3 T Pearson AH ¢ 3 B 1Y P 5K Ry 45 2R 43

Praf it 7 — A EOUL A B SR B A2, s T A [l I 2k
T H 45 G el 22 R AT A 51 R A,

& % X

(1] Mg, Rar. A7 560l i AT B A 1 R ) 0y 2
[J]. HFSEHLT L, 2017, 34(8) : 45-49.

DAT Jingrui, WU Qi. Simulation of pilot load optimization
recognition through flight data [J]. Computer Simulation,
2017, 34(8): 45-49. (in Chinese)

(2] TR, A6 . Bizs o nl ©AT 2 26 WA 7 o
[J]. Mz TR, 2017, 8(4): 381-387
DING Songbin, GU Qiangian. Research on comprehensive
evaluation method of airline flight safety [J]. Advances in
Aeronautical Science and Engineering, 2017, 8(4) : 381-
387. (in Chinese)

[3] Wik, RIFR . 2T BP B4 W 4% 19 © AT I 25 5 5 0T Al
[J]. Mz 24k, 2017, 38CHE T 1)+ 23-31.

YAO Yusheng, XU Kaijun. Flight training quality evalua-
tion based on BP neural network [J]. Acta Aeronautica et
Astronautica Sinica, 2017, 38(s1): 23-31. (in Chinese)

(4] ¥Fh, BRIT, #E30R, % KRBT LB — AT A2 3R

AR TR RS RET]. fias TR %R, 2021, 13
(1): 1-18.
XU Wei, CHEN Yong, DONG Wenjun, et al. Research
progress and prospects of human factors engineering for sin-
gle—pilot operation of large commercial aircraft[J]. Advan-
ces in Aeronautical Science and Engineering, 2021, 13(1) :
1-18. (in Chinese)

(5] BRZEHR, miksk, TEE. KT IHBHES 2 0 E A
BORILT]. FHEHLRRY , 2023, 50(1): 59-68.

CHEN Yijun, GAO Haoran, DING Zhijun. Credit evalua-
tion model based on dynamic machine learning[J]. Compu-
ter Science, 2023, 50(1): 59-68. (in Chinese)

(6] #uf, VEARZ, TR, 5. mEmRiRoL AT i as 2

xR RE O IR R [T]. FEF B, 2018, 42
(12): 881-885.
HUANG Jing, WANG Dongjun, WANG Huishu, et al.
Construction of a comprehensive efficacy evaluation system
for aviation medical training of high—performance fighter pi-
lots [J]. Military Medicine, 2018, 42 (12) : 881-885. (in
Chinese)

(7] S&%, T, BE, 5. 2 50 - AT o0l Bl R s

REALT]. iz f4i, 2023, 44(HEH) 1) : 39-47.
MA Jinyi, WANG Can, XUE Tao, et al. Establishment
and application of an air combat maneuver database[J]. Acta
Aeronautica et Astronautica Sinica, 2023, 44(s1): 39-47.
(in Chinese)

(8]  EMAL, ABF. T Petri WA £ 5509 €TI0t

A g [T]. aCBB TR i (R 5 B TR,
2012, 34(2): 197-201.
WANG Lifu, ZHU Xinping. Optimization arrangement of
flight training plans based on Petri nets and genetic algorithms
[J]. Journal of Wuhan University of Technology (Informa-
tion & Management Engineering) , 2012, 34(2): 197-201.
(in Chinese)

(#5592 51)



