B AR 5ot = 2014, Vol.35, No.18 267

i

HL 1~ Bh BOAAE DX 5158 1= 5 2 0% b e (9 LT

wEA, T ORY, DR
CPEALAR MBS iR 5 TR, Bkt base

712100)

i B PR TSAEAR PR 4 BRE W R B P . I T SR RN RN BR E WO R R oy I A, RIS R
553 #T (principal component analysis, PCA) . FisherZ&tEF)5 541 (fisher linear discriminant analysis, FLDA)
DL BPHIZE 4% (back propagation neural network, BP-NN) ZMHT#EATHI, #0528 AR X8R E 0 R #
BRIk 48RRI, FLDA KPCARENS X /) AR B AR B2 IR Y)Y, FLDAX 73 R TPCA. FIFIFLDA
FNBP-NNJ3 47 50 2 2 973 2 19 B o 26 31 ) TE A %643 59199 100.0% 198 4% - PRI, ) FH P B PRl X 43I 2 4 ) i T
B ATATHY

R BT A BREY: ARE: 2o

Discrimination of Lactic Acid Bacteria in Goat Yogurt Using Electronic Nose

YANG Chun-jie, DING Wu™, MA Li-jie

(College of Food Science and Engineering, Northwest A & F University, Yangling 712100, China)

Abstract: This study attempted to use an electronic nose (PEN3) to discriminate the strains of lactic acid bacteria in goat
yogurt samples. The volatile components emanating from goat yogurt samples were gathered by the electronic nose. Based
on the data obtained, a method for discriminating the strains of lactic acid bacteria in goat yogurt was established through
principal component analysis (PCA), Fisher linear discriminant analysis (FLDA) and BP neural network. The results showed
that although both PCA and FLDA could discriminate different species of lactic acid bacteria, FLDA was more effective
than PCA. The correct prediction rates of FLDA and BP neural network were 100.0% and 98.4%, respectively. These results
will be helpful for the application of electronic nose to discriminate the strains of lactic acid bacteria in goat yogurt samples.
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Fig.1  Response graph of sensors to volatile compositions of raw goat’s milk
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Fig.2  Radar plots of the responses on the sensors for different types of
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Fig.3  Outlier diagnosis plots obtained by MCD method for

raw goat’s milk samples
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