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Fatigue Driving State Detection Based on
Vehicle Running Data
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Abstract:  Fatigue driving is one of the main causes of traffic accidents. It is of great importance to detect fatigue
driving dynamically and remind drivers to concentrate on driving safely. Based on the vehicle running data
collected by Controller Area Network (CAN) bus, this paper extracts 18 features relevant to driving behaviors and
uses random forest algorithm to identify fatigue driving. The results show that the overall recognition accuracy is
0.785, and the recall rate is 0.61 which means 61% of fatigue driving conditions can be successfully identified.
Experiments show that fatigue driving detection based on vehicle running data is effective. Compared with other
fatigue driving detection methods (for example, based on driver physiological indicators and image facial
features), the proposed method is simple and convenient, without affecting driver's operations and the cost is
relatively low.
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Fig. 1  Fatigue driving detection process based on vehicle operating data
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Fig. 2 Building a fatigue driving test model
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Fig. 3 Comparison on fatigue driving test models
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