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Application of Greedy Learning Based on Optimum-path Forest Classification in CBIR System
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2. Visualization Inst. ,Northwestern Univ. ,Xi’ an 710069 , China)

Abstract ; In order to deal with related images and non-related images effectively in content-based image retrieval (CBIR) ,a method of

greedy learning based on optimum-path forest classification ( OPF) , named as GL-OPF,was proposed. Firstly, feature vectors of query

images and the images in database were extracted by Gabor wavelet transform. Then,the relevance feedback of images was obtained by

GL-OPF active learning, generating training set of tags. Finally, prototype sets of relevance and unrelated were formed by further evalua-

tion of OPF classifier of mark sets,and the most relevant query images would return after every iteration. The effectiveness of proposed

method was verified by experiments on the three image databases Caltch101,Corel and Pascal. The experimental results showed that in

eight iterations ,the query precision of GL-OPF rises more than that of other three methods. In addition, the running and query time of

GL-OPF is almost the same as that of OPF.
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Tab.1 Total running time of 8 iterations
S
Bt IBGSA PSO-RF OPF GL-OPF
Caltech101 169.5 199.8 178.0 178.0
Corel 54.7 112.3 37.4 37.5
PASCAL 25.7 604.6 35.7 35.9

x2 8 ERBE BN FEYEITRE
Tab.2 Average running time of query after 8 iterations

S

Kise IBGSA PSO-RF OPF GL-OPF
Caltech101 0.14 5.93 0.13 0.13
Corel 0.41 6.46 0.06 0.06
PASCAL 0.05 6.17 0.07 0.07
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