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Research and application of artificial neural network
in monthly precipitation forecast

He Hui, Lu Hong, Qin Weijian, Lu Qiangian
(Guangxi Climate Center, Nanning Guangxi 530022)

Abstract: The interannual variation of monthly precipitation is characterized by significant nonlinear
variation, which is difficult to predict and has always been a key and difficult problem in the prediction of major
meteorological disasters. BP neural network has achieved good results in the research and application of monthly
precipitation forecast. PCA—BP Neural network model, genetic algorithm optimization neural network , RBF neural
network prediction model, wavelet neural network model, and particle swarm optimization neural network model
are widely used. These models are also applied well in Guangxi monthly precipitation prediction business, which
is helpful to improve the monthly precipitation prediction ability. Therefore, it is necessary to summarize the
advantages and disadvantages of neural network in monthly precipitation prediction, and put forward the key
issues for future research.

Key words: monthly precipitation; neural network; prediction modeling; climate prediction



