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Analysis of the landing scenarios and key technologies of Al chip
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Abstract: Artificial intelligence technology is in the golden age of development. The research and application of AT put forward

high requirements and challenges for computing power. Therefore, Al chip technology has become a research hotspot in recent

years. Many companies and scientific research institutions have released Al products, and Al chip has also advanced from technical

verification to landing stage. It will introduce and analyze the main landing scenarios and key technologies of Al chip in this paper.
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Table 1 Huawei Ascend Al chip specifications
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Table 2 Technical architecture
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