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Fig. 1 A schematic diagram of chained

probability calculation method
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Fig. 2 Tree-like probability calculation method
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Fig. 3 Example of probability calculation method
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A step-by-step syntactic analysis method based on tree-like
probability and bidirectional long short term memory

CHEN Zhiqun” ,JU Ting, WANG Bing

(Institute of Cognitive and Intelligent Computing, Hangzhou Dianzi University. Hangzhou 310018, China)

Abstract:In order to effectively solve the problem of data sparseness and inherent level of syntactic prediction, an incremental
stepwise dependency parsing model based on bidirectional long short term memory (BLSTM) is proposed. This paper applying the
tree-like probability calculation method to the study of syntactic tag classification, using the hierarchical relationship between
syntactic structure and tag,proposes a step-by-step syntactic analysis method from syntactic structure to syntax tag,using syntactic
analysis tree to generate the characteristics of the syntactic tag which are input into the BLSTM model to classify syntactic tags.
Compared with other syntactic analysis methods and chained probability calculation method on the Semantic Dependency Corpus
dataset of Tsinghua University,the dependency accuracy rate is improved by 0-1 percent. It shows that the new method is feasible
and effective.

Keywords: tree-like probability calculation method; bidirectional long short term memory; step-by-step; dependency parsing;

syntactic label classification



