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Mongolian-Chinese neural machine translation system based on

word segmentation with BERT data enhancement

HE Wuyun, XIU Zhi, BAO Jingjing, CHEN Meilan, WANG Siriguleng”

(Collage of Computer Science and Technology,Inner Mongolia Normal University, Hohhot 011500, China)

Abstract : Although neural machine translation (NMT) is currently regarded as the mainstream research method in the field of

machine translation, the scarcity of Mongolian-Chinese (M-C) parallel corpus retards improvements of M-C NMT performances. In

this study,aiming at the M-C NMT systems based on Transformer, we use the deep-learning model to study the Mongolian word

segmentation method. Mongolian partial segmentation, BPE subword segmentation and BilLSTM-CNN-CRF neural network

segmentation method for the influence of the Mongolian-Chinese machine translation model are compared among one another. On this

basis, the data enhancement technology based on bidirectional encoder representations from Transformers (BERT) , Chinese semantic

similarity calculation is used to expand the M-C machine translation training data. In comparison of experimental results on the

dataset provided by CCMT2019, ours show that the BLEU value of the data enhancement method is significantly improved when

compared with that of baseline experiments,and the BLEU4 value reaches 75. 28%.

Keywords: Mongolian-Chinese neural machine translation; Transformer neural network; BERT; semantic similarity
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