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Fig. 1 Example of speculation on the meaning of related

Chinese characters from strokes of known Chinese characters
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Fig. 2 The NMT system with Chinese character stroke sequence
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Tab. 2 Statistics of experimental related data
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Tab.5 Comparison of translation examples
JR3C_1 W E R B Es KA IERE Bn X PR 5RO BF oA B IE A
Ref 1 the northumbria police bureau also stated that there is no evidence showing that the two larceny cases are related
to the work of sir stevens.
Baseline_1 UNK UNK said that there was no evidence to show that the two burglary cases were related to sir UNK’s work.

Stroke_seq_1

the UNK police bureau also said that there was no evidence that these two burglary and UNK were related to the
work of the UNK.

% B B R Rl PR 0 B R R UL TR ST A A BOR B9 TR R, B

London daily express pointed out that two laptop computers, which contain investigation materials about the car

accident and death of princess Diana in 1997, were stolen from the office of the former metropolitan police chief.

JR3C_2
K #e E5R Bk W AR B fir k.
Ref 2
Baseline_ 2

Stroke_seq_2

in London, the daily express said that the mobile computers of the UNK UNK UNK UNK UNK were found in
the office of the former UNK UNK.

the London daily pointed out that the two records of the two UNK were stolen from the office of the chief
superintendent of the city of UNK in the past.
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Integration of Chinese character stroke sequence into
neural machine translation

TAN Xin,KUANG Shaohui»ZHANG Longyin, XIONG Deyi*

(School of Computer Science and Technology,Soochow University, Suzhou 215006 , China)

Abstract : Neural machine translation (NMT) has gradually become the mainstream of machine translation because it surpasses
statistical machine translation (SMT) in a variety of language pairs. However, conventional NMT systems merely take word
embeddings into account, ignoring the information contained in Chinese characters that constitute words. Therefore, this paper
proposes a new approach that integrates Chinese character stroke sequence information into NMT system. Our proposed method
considers both word embeddings for Chinese words and Chinese character stroke sequence information into NMT system. We
consider not only the semantic information of each Chinese word, but also the internal semantic information and external form
information of Chinese characters that form these words. Experimental results show that our proposed method, which integrates
Chinese character stroke sequence information into NMT system,is more effective and makes translation results more accurate,
Compared with traditional NMT system, our proposed method can achieve an improvement of BLEU value by 1. 21 percentage
points.

Keywords : neural machine translation; Chinese character stroke sequence;attention mechanism
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