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Abstract Industry 4.0 is an advanced architecture which aims to improve the manufacturing process and product quality by
using large-scale machine to machine communication and Internet of things deployments to offer increased automation, en-
hanced communication and self-monitoring, without the need for human intervention. The artificial intelligence (AI) techno-
logy plays an important role in the revolution of industry. However, the traditional Al technology focuses more on the daily
life, society aspects and finance areas rather than the practical problems in the real industries. To address this issue, the archi-
tecture of Industrial Al is developed to comprise efficiency, robustness and system optimization of intelligent system within the
industrial areas, which is more specifically designed to solve the actual problems in practice and create larger values. This pa-
per firstly presents the concepts of industrial Al, which is followed by several case studies from different applications to valid-
ate the effectiveness and success of architecture of industrial AL
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