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Table 1 Overview of text summarization datasets
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Table 2 Sample of Tibetan text summarization datasets
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A dataset of Tibetan text summarization

YAN Xiaodong'?*, WANG Yiqin'?, HUANG Shuo'?,
YANG Jinpeng'?, ZHAO Xiaobing'?
1. School of information and Engineering, Minzu University of China, Beijing 100081, P.R. China
2. National language resource monitoring & Research Center, Minority Languages Branch, Beijing
100081, P.R. China
*Email: yanxiaodong@muc.edu.cn
Abstract: Automatic text summarization is a key task in natural language processing. High-quality datasets
can effectively promote the research progress of summarization. Recent research is closer to generate
abstractive summarizations by using the deep learning methods. However, there is a lack of high-quality
and large-scale summarization datasets available to the public. Besides, it is difficult to construct this kind
of dataset manually. The Tibetan text summarization task is still in its infancy due to the lack of public
datasets. In order to promote the development of Tibetan informatization. we artificially constructed a small
dataset of Tibetan text summarization in this paper, which is composed of 1,000 real Tibetan news articles,
each with a short summary. In addition, we have also constructed more than 3,500 article keywords for
each news article as a supplement to text summarization tasks.

Keywords: text summarization, dataset, Tibetan, low resource

Dataset Profile
Title A dataset of Tibetan text summarization
Data corresponding author YAN Xiaodong (yanxiaodong@muc.edu.cn)
Data author YAN Xiaodong
Time range 2020-2021
Data volume 1,000 summarizes
Data format * txt
Data service system <http://www.doi.org/10.11922/sciencedb.j00001.00352>
Source of funding National Language Commission Center Foundation (ZDI1135-98)
This dataset includes a total of multiple “txt” files, each with the news texts that are
.. clustered together with their corresponding artificial summaries and keywords
Dataset composition . . et ok - . e .
information. The content after “title” in the “txt” file is artificial summarization, and the
content after “keywords” is the keywords information.
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