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Study on Scheduling Method of Shared Driverless Vehicles
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Abstract: Due to the absence of the randomness of human driving in driverless vehicle, high control accuracy
and large traffic flow capacity, a reasonable dispatching method can improve the overall revenue of the
dispatching system of driverless vehicle, reduce service time and passenger travel costs, and fundamentally
alleviate the social problems such as urban traffic safety traffic congestion, and traffic pollution. In order to
make driverless vehicles better provide shared ridership service for passengers, on the basis of in-depth
understanding the development of driverless vehicle technology, combining with shared scheduling theory, a
shared driverless vehicle scheduling model to meet the needs of passengers in a certain area is established.
The formulas and constraints in the model are analyzed rigorously. According to the constraints of the model ,
a new car-sharing algorithm for passengers is designed. First, the way of determining the request-route-
vehicle assignment is studied in the new algorithm, the online demand and the optimal route for driverless
vehicles are dynamically generated. Then, the greedy allocation is used for matching. Finally, the
shortcomings of existing algorithms are improved, the constraint conditions are optimized to improve the
matching, and the optimal allocation is obtained after several iterations. In order to better verify the efficiency
of the new algorithm, by using the OD survey data of a certain area, the proposed algorithm and the clustering

algorithm are simulated and analyzed from the aspects of matching success rate, average running time of
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algorithm and average waiting time of passengers. The results show that the efficiency of the new algorithm is

greatly improved.
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Fig.1 Allocation steps of driverless vehicle
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