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Scheduling Distribution Vehicles in Internet of Things Based on
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LU Jin-chuan
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Abstract: In order to improve the efficiency of distribution vehicle scheduling by internet of things,
perturbation contraction particle swarm optimization is used. First, the mathematic model for optimization of
vehicle scheduling in Internet of Things is established. It considers the uncertainty of the variety and quantity
of goods, the time and place of demand, the route and time of transport, including transport cost, time
penalty cost and fixed cost. Second, the non-linearly perturbation factor is added to the basic particle swarm
optimization to balance the global and local search of the particles, the initial value of evolution is smaller,
the particle is mainly carried out local search, while the latter setting value is larger for global search, and
contraction operator is added to avoid the excessive oscillation of particles, the particle coding involves
receiving point, vehicle sequencing and driving sequence, and the algorithm flowchart is given. Finally, the
rationality and feasibility of the algorithm are verified by simulation experiment and case analysis. The result
shows that (1) the added shrinkage operator can minimize the deviation of the location optimization of the

task target point, which avoids the increase of the total cost; (2) the particle swarm optimization with the

Wik H 9. 2019 -02 - 19
FEGTUH : 2016 4[] P E AL Th A AR ORI RE 32 TH0TH  (KY2016YB649 )
EF®A: I (1984 - ), 2, J7VEkEA, W54, ( luJinchuan2019@ 126. com)



v

112 /NI S

537 &

adjustment strategy of non-linear disturbance factor has a stronger ability to jump out of the local optimum,

and the optimized algorithm runs faster; (3 ) for the search success rate of each experiment and the
proportion of default penalty cost to total cost, compared with GA, AC, PSO, CQPSO, SAPSO, CMPSO, the

proposed PCPSO prediction method has higher search success rate and lower default penalty cost, it can also

satisfy the demand of prediction accuracy of Internet of Things distribution vehicle system, which is of great

significance for real-time traffic control.

Key words: ITS; perturbation; particle swarm optimization; internet of things; contraction
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