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Face image inpainting method based on circular fields of feature parts

WANG Xiao", WEI Jiawang', YUAN Yubo'?

(1. School of Information Science and Engineering, East China University of Science and Technology, Shanghai 200237, China;
2. Shanghai Engineering Research Center of Big Data and Internet Audience, Shanghai 200072, China)

Abstract: To solve the problem of unreasonable structure and low efficiency of the example block-based image
inpainting method, a method for face image inpainting based on circular fields of feature parts was proposed. Firstly,
according to the distribution of feature points obtained by feature points localization, the face image was segmented into four
circular fields to determine feature search domains. Then, in priority model, the attenuation trend of confidence term was
changed in form of exponential function, and with the combination of structural gradient term, the priority was constrained by
using local gradient information to improve structural connectivity of inpainting result. In the stage of matching patch search,
according to relative position between target patch and each circular domain of feature part, the search domain of matching
patch was determined to improve search efficiency. Finally, under the standard of structural similarity, face image
inpainting with structural connectivity was completed by choosing the best matching patch. Compared with four state-of-the-
art inpainting methods, the proposed method has the Peak Signal-to-Noise Ratio (PSNR) of inpainted image increased by
1. 219 to 2. 663 dB on average, and the time consumption reduced by 34. 7% to 69. 6% on average. The experimental results

show that the proposed method is effective in maintaining structural connectivity and visual rationality of face image , and has

excellent performance in accuracy and time consumption of inpainting.
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Fig. 2 Flow chart of face image inpainting based on

circular field of feature parts
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Figure 6 Inpainting results comparison of face images by different algorithms
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Figure 9 PSNR comparison of different algorithms for inpainting face images
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