O2,%. \TEaEEREELSETHEBIK 2121

DOI: 10.12449/JCH241032

PN RO SR 2R HIN IV S

L 2, R %, AMT, N EiE
ARG F — EBe-Fad AP oo AT s sh = A, K& 130000
WA X A yahui@jlu.edu.cn (ORCID: 0000-0002-5431-1440)

WE: RRERBURGE LAEMMNE, RPSHER, FAREXRS ,GEXRRE, SEMEE. HFEX BEATERE
EFTHNAMER FEFEI REFIFALEERAR ZEATEERR P AXGARTHRFRATEERIAE
FRERETEE 2 877 HRERTETNEFTENN A, b A TEEAERIRES A T 09K AR AHRIEH B,

KB : ATERE; WRERAME; e >; REFS

Current status of the application of artificial intelligence in the diagnosis and treatment of pancreatic cancer
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Abstract: Pancreatic cancer is a common malignant tumor of the digestive system, with a low early diagnosis rate, a high surgical
mortality rate, a low cure rate, and a poor overall prognosis. In recent years, with the continuous development of artificial
intelligence in the medical field, artificial intelligence techniques, such as machine learning and deep learning, have been widely
used in medical research. This article reviews the application of artificial intelligence techniques in the screening, diagnosis,
treatment, complications, and prognosis prediction of pancreatic cancer, so as to provide a basis and new ideas for the application

of artificial intelligence in the diagnosis and treatment of pancreatic cancer.
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Journal of Hepatology | B mAZEE5 R I TheEEFHEXBERTEITR BFE
FORFRAEERIE TR K R

AR Ak 5 AR AR K PRI R (MASLD ) 89 3 8 9% 552 oy 2 B 48 Jkogm (T2D) An RERE S A ST BB 3h vh . A kA % #94E
YR  ,MASLD A AFARAC AT 20 e FFAEAR LSt =& KEREAG AFRERNERLEF 2N ELRA, &8
KR Ao ok Jm R 2RI B (CBD) 69 £ W X AP AT IR R R e ki A2 R AT £ P AfedbdE,
S8, GBD 48 B = , A 30 B N 5 MASLD 48 % 69 F JE A8 % B % 5 fe st = FOR b LT, B KARE LR B e A= T2D
FATHES 69, B E MASLD B 5 & gk 09 23R &k B AR & 423X 2 X R K 3 £ 745 AT 3] £ 0383,

AL IR R A R R A T il it Hoh A T2D SRS ETR B &, R E ¥ aMASLD ¢ Bym . kA Ak
NASH 22 249 Younossi 51& A 5k B GBD 892 R A K FE Aok A A BB A R B2 E A B ESH>H R
EAE R B R 3,69 MASLD %% R feym st &, it AR R R Z 40 /ER 245730 T R R Z A0 R R F R SR
N AR AN

KI2E R A, A2 2021 57,204 AN B K 69 MASLD P 45 B 5% A AT JEAE X 5L T F 58] 4 21. 77% A= 2. 92/10 77 , 3 P
JbdEfe P A X MASLD & 5% & & % (41.70%) , 3 BN B K B 9% E %A (17.31%) . ZATF#E A feib A T 3540
(SDI) #EATH )5 | &2 % 69 MASLD %95 & 5 JERE T2D Fe Ak ) & 3h 69 & A& 3 ey % (P<0.001)., %% T SDIKA
BAT AT, WL F) MASLD #95 F 0 REIAE X, £ 3 SDIE R (A2 F LK) AR %A TEAER MASLD &
aE Y 2 & TR EABE(26.73% vs 18.87%,P=0.000 1) . 48R, £AKSDI B R (A4 25 KAL), S IESF 48 R
(19. 45% vs 24. 96% ,P=0. 000 8), MASLD #8 5% ) Ff i A8 % 50 T 5 55 4584 JERE A= 4R34 MG A8 58 (P<0. 001) .

H o, MASLD 5% F T EAR X L TR EARTCEA N AR E ZERE L7 X TRZEERAADRITF
HAREAWGHrh, £EIE/N KB AL ZF I T MM A A TR 6 2 T Bk 3t T8 2 MASLD 89 43k 7 4
EAEE,
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