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Nonlinear Kalman Filter Based on Gaussian-generalized-hyperbolic Mixing Distribution

WANG Guo-Qing”? YANG Chun-Yu"? MA Lei*? DAI Wei"?

Abstract In this paper, we consider the state estimation problem of nonlinear systems with non-stationary heavy-
tailed non-Gaussian noise. Considering that many often encountered heavy-tailed noises are the special cases of gen-
eralized hyperbolic distribution, and its mixing distribution is the conjugate generalized inverse Gaussian distribu-
tion, we adopt the generalized hyperbolic distribution to model the heavy-tailed noise. After that, we employ the
Bernoulli variable to construct the Gaussian-generalized-hyperbolic mixing distribution to model the non-stationary
heavy-tailed noise, and then the probability model of the target system is constructed based on the hierarchical
Gaussian structure of this distribution. The Kalman filter (KF) framework for systems with this type of noises is
achieved by applying the variational Bayes method to estimate the posteriori distribution of system states and the
parameters of the noise, and several existing robust filtering algorithms are the special cases of the proposed al-
gorithm. Simulation results of robot tracking experiments demonstrate that the proposed algorithm has better es-
timation accuracy and numerical stability than the existing ones, and is robust to its initial parameters.
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Fig.2  The illustration of tracking a robot with
the sensor network
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Fig.3  The amplitude and probability density functions

of the one-dimensional noise used in the simulation
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