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Figure1 Study area
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Figure 2 Workflow for built-up area extraction and calculation ofSDG 11 3.1 indicators based on Landsat images
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Figure 3 The dataset of built-up area in the Beijing-Tianjin-Hebei region from 2000 to 2020 (BTH_BU)
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Abstract: The Beijing-Tianjin-Hebei (BTH) region is one of the most important and rapidly growing urban
agglomerations in China. By capturing the dynamic changes of urban land and population in the region and
their relevancy, adjusting and optimizing the urban layout and spatial structure, and rational allocation of
urban land resources are of great significance to the sustainable development of this region. Based on time
series of Landsat images, this study uses the Google Earth Engine cloud platform to extract built-up land in
the Beijing-Tianjin-Hebei region, and integrates the results with GlobeLand30, GHS-Built, GAIA and
GLC_FCS-2020 land cover products to produce the built-up land dataset during the period of 2000-2020 in
the region (BTH_BU). An overall accuracy higher than 90% was obtained. Based on this dataset, we
extracted the urban functional boundaries, and calculate the SDG 11.3.1 indicators, land consumption rate
(LCR), population growth rate (PGR) and the ratio of land consumption rate to population growth rate
(LCRPGR) for each city. The results show that the overall land consumption rate is greater than the
population growth rate in the BTH region, and the use efficiency of land resource in small and medium-sized
cities continue to decrease. This dataset can be used as the basic data for urban expansion analysis in the BTH
region, and applied to the monitoring and assessment of relevant indicators of the sustainable development

goals in the region.
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Dataset Profile

Title

A dataset of urban built-up area and SDG 11.3.1 indicators for the Beijing-Tianjin-Hebei
region, China from 2000 to 2020

Data corresponding author

LU Linlin (lull@radi.ac.cn)

Data authors

SHU Lei, ZHOU Meiling, LU Linlin, CHEN Fang, MA Yonghuan, ZHANG
Shuangcheng, LIU Zhaohua

Time range

2000-2020

Geographical scope

Geographical scope: 40°03’N — 42°40°N, 113°27°E — 119°50°E; specific areas: Beijing,
Tianjin and 11 prefecture-level cities of Hebei Province (Baoding, Langfang, Tangshan,

Shijiazhuang, Handan, Qinhuangdao, Zhangjiakou, Chengde, Cangzhou, Xingtai, and

Hengshui)
Spatial resolution 30m
Data volume 540 MB
Data format * tif, *.xlsx

Data service system

<http://www.dx.doi.org/10.11922/sciencedb.j00001.00277>

Sources of funding

Strategic Priority Research Program of the Chinese Academy of Sciences (No.

XDA19090130); National Natural Science Foundation of China (No. 42071321).

Dataset composition

The data set is composed of 2 data files, including:(1) BTH_2000-2020_Built stores the
built-up land data in “tif” format, and the data volume is 540 MB;(2) BTH_2000-
2020_SDG11.3.1.xlsx is the statistics of SDG11.3.1 indicators, and the data volume is 14
KB.
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