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High Concurrent Streaming Data Processing Technology and Its Application in

Industrial Internet
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Abstract: With the increasing number of devices connected to the industrial internet platform and a large number of equipment
operation data and environment data are continuously transmitted to remote servers, remote servers are facing the problem of high
concurrency pressure and long response time of real-time processing of a large amount of data. Therefore, this paper proposes
a high concurrency streaming data processing scheme for industrial internet. By constructing Netty server framework based on
asynchronous network communication, it pushes the received data stream with the characteristics of multi-source heterogeneous and
high concurrency to the message processing system Kafka, then Kafka consumers put the time-consuming operations such as protocol
parsing, data persistence and real-time analysis on the server cluster for distributed computing. Actual data processing application
results show that this method can maintain the speed of milliseconds when dealing with a large number of high concurrent streaming
data returned by devices, and can meet the needs of the system for data processing.
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