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Research and Application of EMU Axle Temperature Sensor

Fault Diagnosis Strategy

LU Qinsong, DAI Jisheng, ZHAN Yanhao
( Zhuzhou CRRC Times Electric Co., Ltd., Zhuzhou, Hunan 412001, China)

Abstract: Existing EMU axle temperature fault diagnostic models have unclear temperature sensor fault location. It is difficult
to troubleshoot the point of failure on site, resulting in wastage of manpower and material resources. Based on the data similarity
analysis and multivariable decision tree, a fault diagnosis strategy of axle temperature sensor is proposed, which can accurately
identify the fault causes such as sensor fault, poor line contact and external interferences. On this basis, an intelligent diagnosis
system of axle temperature fault is designed to realize automatic identification and diagnosis of axle temperature fault, and the
diagnosis accuracy is more than 85%.
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Tab. 1 Statistics of shaft temperature faults
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Fig. 1 Instant similarity model
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Tab. 2 Decision information table
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Fig. 2 Instantaneous similarity analysis
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Fig. 3 Interval similarity analysis
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Fig. 4 Expert diagnosis system for axle temperature faults
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