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M OE PSR AR A B AR AU WG, (HATRBUN S O . AWE 4 ks
TEAR TR 5 B T AT T AP 5 A Do 2 P e SR A A2, IRV A EL AR Rt 57 2%
o SREI: RIS, T AEISEE, AR JCR A SRR, PRI, R
BRI X — B A ATE OB AR T AR, ANTA N SE R AEE ISR E W] (L5 2~3).
E— PP R, SRR T AU AR AR AN TR, T BE R DY, w7 RN S B (S 4). OF
FEAERA B T A OB A D FE SR Sz, o tfEshitt 2in B Refe . 51 SRk AHE AR IR /5

KA ARPOE, SN, AL, B
SEE B849: €91

1 55

2022 4 8 J] Facebook £}:/\ F] Meta i FH 5158k
FET 6045755 01 T, AR T.RR, BT Wi
H R A RE L i i 2 A0, I AR HAh r A
Al fif B¢ (Hays, 2022). JoIlA ), Meta Ff3E55 — Ml
AT AT R, BAE 2015 4,
Amazon £ XGOS B & T —E N T RERCR K
WAPEAL REE, FRSCRT W% 51 T TAERE, JIF
B HAN A B80% 1% 2 H (Upadhye, 2018), 2021 4F 8
A, B W — 5 AL AT RSS2 7] Xsolla [Rl A
SRR PEAN Y A< B0y 2 308 (digital footprint)fif Jig T
150 44 17 78 75 B In) [0 s8R AR W ZE B 61 T
(McAloon, 2021). 37 % 5801 {7 FH ) S0 — s ] Jaig
kb oS . IEERAR, Ok B A Al K B
THG R Z v, X3 & TSR, Rl
TS RN R AR B R S8 ) B % A AR
77 (Basu et al., 2023; Brynjolfsson & McAfee, 2014;
Chalfin et al., 2016; Duggan et al., 2020; Garg et al.,
2022), PEAELLIHEET-4 Career Builder 1A, 3%
25 55%09 N 1 9 IR 22 BN A LA i A% 0 N

W F 35): 2023-08-22

TR e R G S AR LA A AT T AR B 5
#6843 (HR Daily Advisor Staff, 2017), Al L, LI
GRS AR ER 0 B DR TR AR R Rl A B A 348 W DA AL
BOMISE, R EE.

B N BE ST 12 W (Hao, 2020). 4l %
(Ahmed et al., 2022) . 7% (Hao, 2019) . 35i# 2
I (Badue et al., 2021)8F 4t 23 Az 1 S0k 14 Ji R — 2,
FILZ T DL RS IR B Y, EEREA MBS
NP A H A B Tok =m0 R B o 7R & G =,
YEMPLR RN, W5 % 3] JeHT 4 50 (Kahneman
& Tversky, 1972) . 1 %% (Lerner et al., 2015)% 4 A
EIU AR TE RS S R 90 W N = = S 7N 1]
FREAE . RS W WS E LR AR %
IR, R TR PR Bk, FIAAEIE T
Ty, B X G B K A LBk 8 T (Blair
& Saffidine, 2019), H#35EH R (Bonnefon et al.,
2016). BWM/NIF(Andrews et al., 2006). Jf HAZ:
2 EIE 57 FVE 46 S5 2 19 T4 (Barnes et al., 2015),
WIEF L, B3Rz s A TR AL A
T 451 B8, B BB 7k Tk 3R (algorithmic  decision
making) 4% & (Burton et al., 2020), AHFFT FE X
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AT R A A BE, JF i — IR R
rhOAT RE Y A TE I PR RN R 2R A
1.1 BB EERE

JUEREPCR R ERF AL, SR
AR CERAAR T, (HAATRIT I B R oy oo ok
R0 FIRE A 1 TOUI RE ) T B ML AN SR, BT
X 3K — 57 2% AR S 2% B AR AR AT — i i) AR 0L
5% (Jussupow et al., 2020; Liu et al., 2023; Mahmud
et al., 2022), #ol FNEELF LR A,
NSNS R-IE A TE S SNE Sl 5N W oy i N
(McFarland, 2014), a4 HHLEI45 A Elon Musk £
L N R BB IR 7E A3 MW E 1Y 3 (Lemieux,
2017). A4 B JF 0T Eric Schmidt 78400 A
T & fig 225 NJEa ok —Fh <A 42 W (Kharpal,
2023) P ZATHRR R PR 0 26 B AFTE R —Fh
e EECRHEDE, AHPLA AU A ek € vl B2
S8R A K MEBostrom, 2014), X375 K XEA]
REEAAEI L ERyfahl, Bl—H AN TR REMEA:
HIREH, AT TAE S T — Rk T8O
K BE N R« B7r GRTT I,
2018, 2019), X FRARKYL, ST IEE H REM L
NS A 50 B SRAT: 55, AT SR 23 it ) 3
PN ZE PR T A S S k4R A DR, X Rt
] M FR 2 Ry B8 1 IR ¥ (algorithm aversion)”
(Dietvorst et al., 2015) 3 Ff PR EAR [ 512 5t 2 %) 5
B —F A ER UL, JF TR, L AT
ST (GRIEWE 4, 2022), BI7EINA ERFAE R ES
JE (110, Prahl & van Swol, 2017)., 7E1/% /8 I 3 75 B
WAL (MBI, Lee, 2018). FEAT R FAFFEHE 4afim]
(140, Filiz et al., 2021), S3EPCE A MW R BL1E 2
25 A& H W (Millet et al.,, 2023) . FF k& 2% H Wy
(Hitsuwari et al., 2023), BEJ7H (Longoni et al.,
2019) . i 417 BBk 3R (Bigman & Gray, 2018), H
W LR MBS HEY7 (Longoni & Cian, 2022; Yeomans
et al., 2019)5F 401

TERGH, BEPOA N T DITE—E R BN

BN AR I (Cheng & Hackett, 2021), MIfi

AT REACH BN AE . AR . E AR A
B, 7 TARR ST, FERORTE 80%LL LTh
BRI T AR B R 1 (Yu et al., 2017). {2
RIEAT EAE R, AATTHRER B ) TN g B3 A B —
e BB, S0 Q0[] <P b 2 B — M L R B
T.(Lehdonvirta, 2018), #%5&.7% H ¥ A b TAES
FIZF NATX B B TAE R ¥ & (Holford, 2022), M

T AR AE L SR 4 [ 32 1 53 4T 8% (Goods
etal., 2019; Langer et al., 2021), Jf-H, H L&A
Sxif b ANATTHE TAE R 56 2/ 13 32 M X TAE oy
AR Fh Fh A R B 1 B RE G S 48 K (Kinowska &
Sienkiewicz, 2022), HUETF. MR . SPACAEL RS
HR R BRI SO, AT TIN5
B FEERNPCSRAOR A . R sefeny, Mok
2 T8I UM RN IR R T e f e R A nypeaR, B
PhestA R DR (5 AR I NSO SRAH H) 2 AN 2A
1, RS T X ZH 2 ARG 1 B K T (Newman
et al., 2020). HURISI S, ML TR, WEET
5 AT 1 AN R A 7 ] Dy i e s i 4k, X
2 U N B W T B A R T AT L A
(Langer et al., 2019) 11 iX — 30 5 76 1 P35 7k i 2 24
B R AT BT 3, RIVRE LU T A N B3 1) o7 B 1 i
FIERMFTE . 4, AT S AR PRIE/R 2
TAEF R« BEZ T U R LS 2R, AT
T4 4 ph 4545 Y (Tomprou & Lee, 2022), [AlHT,
BT 2% N AR 5R  N J7 B J5AE EHER BI A
FETR. DR BRAL . FESCIEN Y 6 Fh i, n]—
HABPRFHGEE 2 5 IF R, XA daiss
— 7E TR My 4% (Park et al., 2021),

R, A 5E R HL: AHEE T AR A%
TR PE (R SCHRIFR A HR), AT R F 76 A
AR FEAE R LR . AT LRSS HR 7
HAUZ A A A TR
1.2 RREIERRM

T XA ] AR P, e A A R i A
AT 7= A AN [R)  RE 7 375 BH % (transparency ) &
R A SR W R N T P R AT LA
PR 58 R GEOE TR 4, DL KR T X R i
(Shahriari & Shahriari, 2017). 359237 B P 5 5 19
XTI E M, BRRENRR SRS
il 2 HA AT v AT SR, DR e R H A W]
DU R AT S5 R e, B e S o A o) e FH 2 1 75 42 AT A
% 5 PR I (Nefdt, 2020) 37 B 2 BT DL Gn ity o 22,
2 PR A NATTXT T 2k 5 45 R e 0 AE — o R 1 B
o R A B B A Y 15 R LA B H BB A R R
(Dodge et al., 2019), - H Af1% Bk & $E 4t
{ITREM% H 7 1) P 3K (Herlocker et al., 2004; McNee
etal., 2006), WML L, LRGN ARARIM 5
HE—124i(black box) (Burrell, 2016; Nicholson
Price, 2018), RIGIEBNMTAIGE R — A TAEHLH] f
T HAZ 2 R 45, T AE T3-S U8 0 380 2 1) B A 3 T
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gt s, T GV A 0 B 9 B s ] &b X — )
FA5 B 558 1) (Pasquale, 2015), T RL0E 1 240 19 )R
DR ] i i8S AR A B AN ], AR ] R A AT B
= M HIRZ 5 (Kroll et al., 2017).

R 375 BH A BRAE M 0 R T AT T4 g 3Rk 1)
FHAR 2 — ot FRkie = [ 5 R e ok 2 1Y) R
F1, NATTATRE 23X H = AR A28 - 1) Bk AN 22 114 J%
% (Acikgoz et al., 2020; Langer et al., 2019), Jf-H,
HF 5 Sz BHLOR35325 WA Pk BB A% 1 ) 000 B8 R, o
BEUL, AT LR R GE i, shaxt
IR B L 0 IR 45 8385 72 (Shin & Park, 2019; Shin,
2020), HbAb, Al P TR R SR Y AR A
B, ONATME S HPH A T 21915 1T (Lee & Boynton,
2017). XUEH Y SR BAR AT TG, AfiTATREss
MO FLE AT B Tt s o AR, AT NS e ok
4 B 38 5 2 R B 2 A {5 (Chen et al., 2023;
Moore & Healy, 2008), Bl AAMT &5 T A S
Kb At A0 PR R Y AR R B X B 22 1 7 AR T
BEUR T AT H 98 N A8 B9 0 L O 3 78 (Nisbett &
Wilson, 1977), W] 5EZBr_ b AATTHE B A At N\ P56 i 5
Z K H By HJ& B9 (Dane et al., 2012)fl)g A& =X
(Kahneman, 2003). 7 B E Lk R Y B2 2240
B, W E AR DR AR TR R O N s A R 0]
1 WHJEEE 1Y (Cadario et al., 2021),

ALUL, AATTREAS [R] 4 e 38 FE 1A AN [m] 14 8k A i
B, Xk e o I R R B A SRR KRR R A
T FORRAASE , Et, AAFFE 48 % H2: &%
AW PETE R PO R R (AN ZE HR vs. 535 HR)XS
PRSI AN R R AR
1.3 WAK

L A 1k (anthropomorphism) & ¥ A 1@ PE . FF
fiE . B O FRRAS SRR T AR AN SR LS (1
A 2%, 2017; Epley et al., 2007). Ho, B — 5z
WAAE BLAG i 208 A8 it AR R Ak iy B 22
IR 2 2 —(Waytz et al., 2010), JE 4k F2 0 ] B3
I T 2 OB R P 22—, B SR ATTIA
SRy — AN SR ) JEL A T Bl S T DU L S I R,
HFATH R A BT TR AL (Gray et al,
2007; Gray et al., 2012), T JFAAS H AT B fg g
FENFIE U A (R ALE L R, HARSE
A TR 7R . R s PR R T A Bk S
NS B IE A A Z M B EE 225, A A5 gk
BRAE T HA DR R J) W SARTE L Z 4, W] LA i
JE, AR AE NS AT AP W (de Visser et al.,

2016) .7 & (Adam et al., 2021) . 3/F (Fraune, 2020) .
LHEEE 71 (Moussawi & Koufaris, 2019)% A [\ )21k
PSR, 5507 78 N B S rh Ok RN
WA TS N T AR 225, a0 AT
A SN . JEmii st &, XL, &
B N TR BRI AL REAE BEAR AT DA ) o
XA 2 3R AT R 2 U (R P A Ak
sk 24 FR), BEWE A AHE B TR A5 AT (Wu
etal., 2023), FHECEAM TR TP, B0 A5 1Y
NTHERIF, —MHARNIM. WAES . 1
NP8 DA TR R B N AL BT, Skl
B VTR CH A RS, Jexf RS 4T
B 0 B E PR (L & Sung, 2021), HE 4HLEE
NALEE S AN G e s, an SR v — 7 BAT LA
FERHERIALES N, AT IO H A T m K i ik
55 Pk (experience) fE J1, 23 PRI I R AR 6T 5 2 3= 114 171
HPEAY, IE7EZ G B (Yam et al., 2021), T2,
PUNACARE ARG B0 — A O 0 4K, I
X HESR R AL B DA SR, 28 T 7 — i R
RS IO . AR T A AR M B
M, FHA AR E AN TSR A
BRHEK T, X7E—E R Ll THRRS A%
PR R Z 0 22 5, AT Bk A R T
SEATJEATF IR, T 1T BB AR5 TR
A O S5 B B SR S AR A, i
1 AT BE R AR DO W il 1) (VP IR AR 45, 2022), 7
P, B UORIEAZE . BT . IEARE R
VAR AR S P SR A, T SR T e — 2 A SRR,
N T AR A N 04 B30 et oy B s i N i 0 AR B
Be, NATTAEHEAZ LT 45 i DR 3R Ao gl B, 25 A TR AR
WS o

&, AW H3  BE R LTERR
PR ER(ANZE HR vs. 535 HR)X 3 28 B 1 52
R IETER . XERE M FIEARSR S, A
TR I g WAL HR PSR .
1.4 WFEHEERE

TV Ligk, AUFRIHETT 4 DRI,
KA R R HR PR i SRR A
AT X AZE HR YRS, JETE AT ik —2
PR FL O BEHL Al B . AR M T
g ANZE HR, AfTX5HE HR PRSR 2 B 5 n
DK, S BRSNS BN A5 B R EK
1728 EAS TP P SR A DR O o 3 — S5 25
22 B BANE B T A AR R IR T o ASBIFGE R
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FHIBIER 4 AN BE LRI R LI A &5k, W
FENW B YOR G TSR CGEE 1), 25
Be (S 2) . 8] Pa e (S8 3) MBI A% (L0 4),
I T EAA SRR 4 G A A K A R

HARWIF : S0 1 IR EE R, RAATRM
HOX U R R HR SR PO . SE80 2 BR5E
HoA BV AE R BRI, 1 e R A 3 A P 7 e
R B 0 P S R A AR SE8G 3
PSRRI E I, 2 5B I
JERBA B IE HR s r= A FOERET N . S0
4 BRI NP5 SR RS AT e 5 2 B R i)
FTREM I A5, ORI TE DLIR 32 (A5 i pe 3
A5 R T S RO

2 S 1 B AR IO

SC 1A RIS 5 AZE HR ML, A
XA HR Pr e s ) 28 B2 A s RO . 34T
KBS 7 v, R i 2= 24 R0
BE, 4y W AZE HR R HR A0 ve sk i
AR X PR AT SV B R R A
iz HR AR, DI A6 AZE HR #
L HR YR MAEE 2R, By bk ROE N
FETE
21 Ak
2.1.1 #ik

ARFFEE Jefli ]l G*¥Power 3.1 #{f(Faul et al.,
2009) ISR PT T A i o AN BEAR ¢ K 36 R 42
PR, BEHKE a=0.05 BN = 0.5)
B, HTiEE] 90%G ik g0 J1, A SLu 2 /DA
172 2808 0T IR i A % s T T b,
FATE L A5 B S 7E S SR N LT 416 13045,
HEBR A v B IR H 72y In) 4 5 15 #)
344 iy [n)s, ) GRS 82.69% ., FRHERR A IE i
BYK A 41 G5, eZA55)303 A ek iin &
HF G B R mCR Sy 72.84%), Ho B M 125
£ (41.3%), @t 178 % (58.7%), “FIFEWH M =
20.80 %, SD = 1.61 % . S5 M BEHLS>
IRENAGSA R, o A4 163 A, BiLdH
140 Ao Frfi gkl B IE S sc s B R &, @
1o K AT 1 B TR S B0 &5 R 2 S5 AR AS A N S 56
R .

2.1.2 EWiIGIT5ERF

S 1 AR R AR ] L g e, P

A3 R N REL A, A i BE AL 2 e 1) H

—2H, BB ET N A A HR U HR sk
G BEA KL

B 15 132 A R R Sy (DR 3R S 1Y 728 Ak o -
I ER): “EXFOREREY, LBEABA
HFREW IR F/B AR 330F BB H k=t
R i 18 6 B e b A BEAT IR, AR AR,
vy E Mg K 5 A AR 69 B BA/ 3 “330F7 0k 5L TR |
AR EE . FAFRBIEER R v, R ERZ LA F
REGA N P RAE B A /“330F Bk = —Fr A 38
Bk B TmTELBE R AN R, EH
TR R R T AR TAERILE R R T, o4k
IALH R T, ReBANET RIS E PR RES A
Wiz A R T, T M, Sk m Rk A
H 50 A, A2k £ 2at E M K/“330F” 38 7 ok 6h
HR, ALFI 5 AGHRIE NG BRG 10%idit
F), £¥ 4T 2N FREE, FRIKT ., M LAE
HehE, TMEAR/330FRBIEF &S - aHE
AL AN T EBIEN 5E b, 25 koAt st 4T
EALGLIA (LG RAE >SS . R Em N FF).

DL EA R gm I Newman 45 A (2020) B 5¢,
V2 43 3K ] 52 B AR TE 46 1 e s AR Y B
(BRI T 7 B 0 32 e ) i 2 e 174 2 S 400 5 11
NS5 A A s H B AL <330F7), i AN HAB AT
IS, A T R PR O B ST B T B A R
AN ZS, B IaCHE Do) 152 8 1 B R fE B 22 oK M1 280 3
KA H, BARHP AT B £ A %k
ek R EARGER ARG A5 £F. TR
RAGFER, RERZAGERIEC)ZTIRAGA
AFREE—FMA L ARG », LA BI%
“HUBEHRAREGEREZRGERIRIE . AL,
EFPATRRER, ZRREAN ZAH)
AR A BTG R 330F 5 2, ik ] v £ [l et
[ R 1 S (O 5 S WU S N B P URE =
i<

TE R LA MR T I B Ik S, Bk
PEORIAS X PR AT AV | B R A B AR
S YA G £ [ R P ] 25 VR (permissibility)
I 24 Bigman 1 Gray (2018)944 Sl &,
BORPL A LT 3 ANMEH ¢S oy R4
H): “Zm(H & 330F) ey ik 2 25458
(I~53F 2, | RAZAREGE, SRALEEGE) “E
W (% “330F )2 & Ak AL sk iX 2 e K2 (1~5
o, 1 REZAETR B AW, 5 RETD A B AHF);
“E M (F % 330F) A T R AR A b A AX sk gk R 27
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(1~5 W45, aitsr, ARRTE AN SRR, 5%
BN AARIE) . 3 N H R4 sy 5 AR
g, BEAEE R E, SRS
2 W RIS 17 358 v A28 (B0 ) D 5 10 T 2 0/ e
Fo SEH 1 PR AV Y IR — B AR
Cronbach’s o = 0.76,

B SR [ 25 R I L e R
TR 1) B B R R R, P R H Jago
(2019)IWF5E, RHZATR 7 BRI, 208
AR % AR E M (SL 0k “330F7) B Kk i 49 ik
R (1~ I REDERER, TREZEHFR);
“ARA % E R M (F R “330F) BT Ak s 69 £ ik ok
R (1~7 35, 1 REZ2AFER, 7 REZLE
K)o 2 A H SR s 7 S E R, R
F PO 55 v NS (G I i TR SR e %
SEE 1 R E A A OC R 4R = 0.701, p < 0.001,

AL, B IR P ORI T HX Tk £ 14k
IR, Bl RAR 2 — 15 2 fi T A, HRE
S KABHEEAMREMmALAN(E A X 330F)
k7w B kR AR, % H MW [ Cadario 5%
ANQO2D) AL &, Jf H FAER 2 wiks 7 S
T (~7115r, <1 = ERATEREE]“7 = WA
ATRE™), 150 2 I B 1% 1% v e ok 2 AR G A
B,

fJE, SOkt 7 AE R PTIN 11 SE 3]
HRo AN, FENAG T R A A W R AL
TR KA B H (A . BERHE R D) T A
INFEAEZ 8
22 #£R

MR ¢ R IR AR, AL Bl ax P sk
F AR AR PR I T PR (M = 10.60, SD =
1.84) B FE THE B4 M =9.25, SD = 2.38), 1(301) =
5.56, p < 0.001, Cohen’s d = 0.63, [A]if, AJSLH B
TR PSR AR BT RS A B R BR B4 (M = 7.89,
SD = 2.10)th & 3 = THIRA WM = 7.3, SD = 2.10),
#(301) =2.08, p = 0.038, Cohen’s d = 0.24, 14k, LI
T 3 A s, BRI EA R A2 HR
IR ERM = 4.04, SD = 1.42)f T B4 8L
X} HR A 3 (M = 3.74, SD = 1.50), #(301)
= 1.75, p = 0.081, Cohen’s d = 0.21, ZHAHE,
A p<0.1, F=4E T8 /NN i (Cohen, 1969), LA
ERWE 1R

PIPRIRE EAR(NZE vs. B3N AAS R, RBEA
MIXTAESE N . SERE . FAAEE=

MNEVRS 5 N R AR ST 2 0 22 0BT (MANOVA)
SRR, PR B F RO B E, Wilks” A =
0.896, F(3,299) = 11.615, p < 0.001, n3 = 0.104.

*kk

12+ [ |
= * | Ot
10 . DEEEE
L WA
8t = -
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2_
0
JET! el

Error Bars: 95% CI

B 1 ARAMBL AR
. p<0.05,""p<0.001

2.3 itig

SEES 1WA SR T AR B S SR N T
T T A ) T S AR 5T N 2 T A [) AR A 5 T A
BAVE . AR E R, JF AT R E SR A
9 H O AT AT 55 o IS IR AR S 1Ak
POBAE RS Th AAAE o (HSC5S 1 AU BN %
TR T AER —30 5y, BRI 61 1., HARX Bk
POETS J5 WBLH NG — 25 T . R, 5288 2 %
SUAE BE U O R R T AR L R T T AR, LA
PR SR AR A, Jf A LA L i — 2D IR R B B
3 WA A iy AR

3 SEEG 20 EOEWIMER TR R

SCES 2 TESCES 1 AL R TR A
T TAEMRR G, B8 TAELRHIR,
[7) Fsf 2 — 25 435 R R 375 B 7 HL vh mT R 4 Y
MAER .

3.1 FHik
3.1 #ik

4 Monte Carlo Bi4ll7L, TS HLE 1
BV i Cohen’s d = 0.63, HU90% M S8 11465 48 71 Fnx
A5 1 Fa E M E JBR (corridor of stability)5e & w = 0.1,
53 1y 5250 BT 75 B /NFEAS B O 150(Schonbrodt &
Perugini, 2013), T, FATi# i Credamo V- G5
B, SRS R A 38 A T A A 1 B IR
R, AR 179 ARG, PR M =
30.85 %, SD = 7.09 %, HZt: 115 A5 R
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64.2%), Bk 64 (M A 35.8%). B BEBEHL >
IREAZELH (90 ) ELL(89 N)o Wi plifife 5L
B I 4 Z A PAT A0 B 5 T SR U R ANE R, G
SUREP=N ORISR &/ A S S e R I LY i
A2

3.1.2 X 5RERF

[FISE5G 1, S8 2 o R FH AR DA R P K Pl
ST, W A B e ) B R SR A (N 2R
SR T FCARE 2 R o T B2 A B 4 ] Newman
25 N(2020) AT, R 2H T [56) 152 178 S 46
TR ARG B Oy B GRS B, 1T AR LAt B 2
(W5 B R X0 Uk )

NG EE: < A NS RIR TR T F4Le
B RFGEAR, AT B T AT RAT R SRR K
B, HANARELTROANTREEREZF
ARG REAT R R, ZHARFEET AL, £K
ZHFMAAADFTRAR®ITT — 27 FLE,
HET R L& RGBS RAEX;

MIE R B <3 A ~aRIR TR T F4%
R, AT R BAL T TR AR
BHR, HANARE—FTEOIAATRERAL
HECRTCP#ATRR, A EZ ETHAREL, £%
BRHEECRTC?#H AT T — 235 FdE, HETR
T &I Bk Bu At X,

TER M ENE, ke Sl A O LR
B Rl 500 L B R R EIE PR,
W77 2R S5 10 ATV A SE 88 2 RN
F—E M {E B H Cronbach’s o = 0.80, =578
T2 AT RS H A 2C R 4L - = 0.660, p < 0.001,

M5, TATiEE— 8 H(S% Cadario et al,
2021 4 7 A aRO Fir Bel S2A R H SR AR AT
TG SR B A, Btk % KA2E LR gk
Z (S “RTCY) 2 d AT b b3k sk R 6597, R HIZE
R 7 RN = AR E]T = 58
AREBRAR), 19530 AR T e 52 0 4 R
HRJCR AR B PR T R PR AR, R RN T A

feJa, B MU RISEE 1A R A R R A A
AN A SR 1), 31X 6 ] A TR A 7R DN A
He b at, DM FifEpil. JF HARE 175 A
NSRS A e =SS W
32 #R
320 REFEXNAERFE. EREEMMAEE

SpA!

MALFEAS ¢ KB A R R, NRAMPIEATE

AR B R E AR AT AV NI
ARy, NP IE(M = 12.64, SD = 1.89)
B m T REAPOL (M = 11.76, SD = 2.38),
#(177) = 2.74, p = 0.007, Cohen’s d = 0.41; LLEWK
RN AR, AR ES M = 11.13,
SD = 1.98) & = THRIE A7 (M = 10.45,
SD = 2.39), #(177) = 2.09, p = 0.038, Cohen’s d =
0.31; A REIE N AR R, A7 5
(M = 5.89, SD = 0.88) 2. i TR IEAH A 153
(M = 5.27, SD = 1.36), #(177) = 3.62, p < 0.001,
Cohen’s d =0.54,

PLOSRE RN vs. BN AR R, MR
AR AR B, R AT SR A B T A
HEE . FMHEE = e IR R T 2
JUTT 5T (MANOVA), 45 EMH, dedf FIARmM
RN 2, Wilks” A = 0.925, F(3, 175) = 4.730, p =
0.003, np = 0.075,

3.2.2  BANE PR RO A SR

MSREAS ¢ K IR 25 R, YOO AR R %
B s e 2, N RT3 I P4 (M = 5.44,
SD = 1158 & " THZEHAW = 5.02, SD = 1.31),
#(177) =229, p = 0.023, Cohen’s d = 0.34, iy | f—
AR R YR AT PSS B i O FRALA, FRAT]
ffi ] Hayes (2013)#/f SPSS #fiff PROCESS
(Model 4)#FATHR . ATLIREK FE K A2 E (A
K =1, FEH = 2), BHEH N hA L&,
3 e BURT 2510 | R RN R R S ol R A
% 5E Bootstrap HEANE R 5000, KW ZEK IER
B, BEHL 95% A DX [A] HEAT A 500 A 5 o

BAmLE R BN 1 FiR), BRI R
PRI AS S, a7 B PR Y TR A SOV (B A —0.50, 95%
A Bootstrap & i X [0] A [-0.96, —0.08], AL 0,
KR EN R IFEER P A RS, R E
AT AT 25 VF I 1 LR S —0.38, 95% 1) Bootstrap
BAF XA 2M[-0.85, 0.09], £ 0, F&HAH B0
AP, UE B R B PR TR DR S AR T A
14955 M) e 28 AR Y DA R D TR A
JEHTZE A 1) HR A RN (B M —0.56, 95%HY Bootstrap
BASIXE] H[-1.09, —0.09], AU 0, K HAM/E
W IFERGIh A AR RS, e ERX AT 4517
PR BN M —0.12, 95%KY Bootstrap & {55 X [1]
A[-0.55,0.32], f05 0, FRWIH B 420N A0 2,
UE B J8 1325 WP 76 R 5 F2 AR X 5 % B 119 5% i)
AR AER . S DR B R AR fE B, 8RS
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F1 LW 2 PPN EEERIA bootstrap 53T R E
WARE  AGBIE 95%MIEALN LLCL  95%MIEEALN ULCT  ELEANIME  95%EIHE%8 LLCT  95% #5434 ULCI
CIE23%R ¢ -0.50 -0.96 -0.08 -0.38 -0.85 0.09
ERRR R -0.56 -1.09 -0.09 -0.12 -0.55 0.32
AR -0.25 -0.51 -0.04 -0.37 -0.63 -0.10

B M B A SN E R —0.25, 95%AY Bootstrap B 15
X [H] H[-0.51, —0.04], AL 0, X FAIEH R
Fo IHEEHIR AR RS, PO R ] A
B RN A —0.37, 95%1F Bootstrap ‘& 17 X [0] K
[-0.63, —0.10], AIHAALE 0, FBHH B B0 [H]
FE I 2, RN B M A DR SR (A M) P R B 1) 5 T
R BE A T AR

AT B E TR A ON AR A, FRATT AR
A G2 A B VA 7 L AT T HR A SO0 4 (I A
4,2004), 5 ULIA 2,

BRAE T
p= —0V \\f —0.68™
P £k _ o,
A%=1, Bi=2) p=020" A
(B=-0.09)
RGN T
B= 4)7( \Bims“‘
I I
N¥E=1, B¥=2) p-o16 BERE
(B=-0.03)
RGN
Bai;// \\\T%w
P X
A¥=1, fik=2)| p=-026" HAEE
(B=-0.16")

B2 EGE B TR 1R
. "p<0.05 "p<0.01,""p <0001

33 itig

598 1 4R8G90 2 FRRERIE T
FAAER IR DO IR, BT i 2 N At A ke
K, WAV AER . WA A A L5k
W, HMEPIE RN A S 2 —E IR, EATHE—
R BT IS WA O R AR R AR, B
IPRES % HR AR 4 B DR AT R SR it 7
NIBFNEAEY], EICEB AR . S0 1 st

5 2 FEUEW] T AT HRI S0k B PO A ), [ s
X WV rR A AR IR TR R . it —
AR R 0 SR PGB HL] A TR 2 YRR, BT 15K
% 3 AR B 5kt SR Ao PRI, OB
OBV, galEsarr . E EEA
LR S B9 A BEIR R SRE

4 SZIG 3: PRYAEHNE B M

WFFE 3 FRATT LA AT AS [R]85 B 4 B e S 1)
i 1), I 3R A5 T 187 D O 13X — EE B A N R A,
ISR ST 25 AR M, I — IR AT IR BN B
WIPER AR
4.1 FHik
4.1.1  #Hik

S G*Power 3.1 ¥ {f:(Faul et al., 2009)i & A&
SCUS PR AR A R, WP AR SL IS A A A ¢ K
5, Boh &R d=0.5, BEMEKFE a=0.05, it
AL, BATEE 172 B0 A GEIA R 90%58
R ST, 8T Credamo “F &S0, SER IR
WA 3 3 VR A BB R SR A, AR
| 180 134 RCEHE AR S 31.17 £ 7.41 %, H
ek 115 4, SR 63.9%, FPE 65 4, Lkl
36.1%. BB B AL 2 IR BAITE B R 488 ) Fl i
BHIMELL(92 N)o iAo 7E L0 TT 1 Z R 140
el 152 1 S 95 6 A I 016 1) 22, A s s ol e S 56
S5 S5 ARAT TR -
412 EWiFIt5EF

S0 Sk LR R P KO R R . Bl B AL
43 BC 3 5 375 BH PR R I B M Bk B A AL vp
B—A~ B, PR AR M4 H Newman
A5 N(2020)fIF 72 1) 53535 5 35 15 D77 140 55 158 A4 6 o

RGZ PR A B 2 A AL - 3 S w Ak B 4
P, kRANEMERA T — AR H A IRA-N”
X BB N 8] R4S 849 e Ak AT BEAT I AR AE L B Ak
BIEHEIRA-N"E T R340 2 W & 3178
F 8 695 R 0 ik L RO A B) B AR AR B Sk AT 4R
G — AR 6B F 8 A E TN 5] B AR,
T R B 4 R SRR AT G i,
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L

AN EAE AR, B F R R IRA-N" IR 5 TR,
ARk, FATHGER G o, # ik IR AR g AR,
SR AR A e Ao B30 s

1o 37 PR 2 B B AR R e S e Ak E 4
PP, kRAEERA T — B I A A IRA-N
SRR N 8] R4S 64 e Ak AN BEAT ) 5 ARAE L B Ak
R FEIRA-N"E T R @ tE454h 2 W & 3479
T8 7 0% AR IR i AT AR LR “IRA-NH B B AR
HEEERS R T 2SR ARBREEF
PR, ShERTF. ERERLF), ABR R (T4
S AES, ARSF), BTHIORRKIIN, F
JEHA, KAWE), mirBEE(FHASTLESN, #
MRRF), A FR(BiTF2E. ARWIER
A, BFERA. ANATEESF), KRNI KE
RIS H PTG —# K e | AR
NG B EA, ST RPTA R 3A R S BEAR
HATERE R BB EIRA-NE 2 K #
¥ BP AL MEWERESF ], @I AW, £-F Rk,
BT BT EGTRE TR Ik, EA M
WFAEE AR, WAL A E“IRA-N" R 5 %, ARk
T, A ELER GG, WA kR ENRE, 2E
K IAE e R b e & 2357,

20 4T B S A A R, SR “TRA-NY T T
& B AE 55 A0 R, BEJIAHIR], PRIELE R ARM, HE
5 WA BE MR AN A T 3 “IRA-N 2 AR A ol
Tl A i s D SR ) (LA A A IR PR IC 28 ) o H b S
P S AGE WA PR RN, Bl PR R 48 45 T8t
P e G R AN SRR ) S 2 RS M R

B, B S SEG 2 rh R 5 W T A A
Wi, HTRmIRATAIRA R BRI, JHEE S 2
e 0 AT AV | ORR R R P R 1
FEA MU SE R, AT VR =AU Y AR — 2ok
{5 Cronbach’s o = 0.896, = W AT H A 56
& (r=0.854, p <0.001),

s Ja, A IR 1] 2 5 S A S g6 A [R] Y i A
SRR, I T B RAR R PN 1 ST
HE
42 #HR

MR ¢ R IR ZE AR, wmrid WM 2 4R
S RHE IPEIR Y (M = 5.68, SD = 1.19) .55
FARIBWIVEL (M = 4.84, SD = 1.68), 1(178) = 3.90, p
< 0.001, Cohen’s d = 0.58, Ui B FRATT X 1355 B
YA RN -

MR ¢ RIS ZE AR, il WM 2 R

R VPR (M = 12.25, SD = 2.53) 5 & T
{RIBWHMELH (M = 10.66, SD = 3.42), t(178) = 3.56, p
< 0.001, Cohen’s d = 0.53; =% WA T L9l 4R 25 )
BEARFRE IR (M = 10.83, SD = 2.64) 5. % & T %
BPEZH (M = 9.05, SD = 3.10), #(178) = 4.16, p <
0.001, Cohen’s d = 0.62; &% WA M 20 9l 1 4 1) )
FHEEIEN M = 5.57, SD = 1.33) %5 T%5E W
PELH (M = 4.68, SD = 1.66), 1(178) = 3.94, p < 0.001,
Cohen’s d=0.59, FiRZERAAE 3 s,

*okok

| kk I
| seokk |
125} I I
T O &k T
o] [ DEERE 1
T WAAZE
3[R
75F
50F
25+
0
B TR

Error Bars: 95% CI

3 RIS W A P 1O 245 2R L
T ***P<0'001

DLE I [ AR S, PEBIRAR RS AR i,
BT RS T AV . SRFEE . AR
JE = AN AR A5 4y o B AR i BE AT 2 00 2 i
(MANOVA), Z5RFW], #E UM 2000 W3, Wilks’
A =10.907, F(3, 176) = 6.035, p = 0.001, n2 = 0.093.,
4.3 itig

SB35 I R YA B R SR SN a7 B
PR, S BB m AR Bt 3 i) S o W P e 16 1
AR TR SR PSR T ARV L B R A
FIHRIE, PE—2E 50 UF T I8R5 I P X — A% i 7E Y
Yk DOG T R TR A YER . BESR AT 8
IR, YO B M ROERE HR
M PR, R A YA AT, B A
SRR TR IR R 5 2 X B DROBR 1 7 A R B8 5 4
FH, JERRARX A ) e 7 R T R X — [l i, JF:
Yk R I R DO T R4, FR AR 3 A 5
55 4 SR BAEFTIE A AAE T REE 20 A P 1E

5 S8 4 BRI LRI R
9 T R S0 FFIE U 09 HA o 0 5%
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AT BAE R B, WT5E 4 B8 T RN
PEXTFE OGRSk, 1ESCER 4 FRERAT]
IR TN T IR BRSO A% ) TAE, i —
WA TR TR AN IR AR N

51 Ak
51.1 #iKk

FEF S8 4 By BN R = KPRk E it
G*Power 3.1 #f}:(Faul et al., 2009)i 155 A 5256 fIr 75
T OFEARR, TEREMEAKT a = 0.05 H A S50 &
(f = 0.25)F, T 5 5] 90%HI 58 46 56 1 /K F ftt
T2 207 ik PR UESE IR E I B R P,
R SZEGE i Credamo Fll PowerCX #5241, BlAL
VI EI VPN ARG I DN - B2 DN S
-5 S S B Al e R B R A R, IR
HRFEA 549 2 b2t 327 44, i 59.6%) . 8%
RAEW M=31.4%,SD=7.88 %, HRl A fL3E
AL 181 Ak, WAL IRAIL 185 A ki,
NEH 183 #90R o Fr A Bl AE 2 90 T 4h Z Aif AT
AL 1 LI B JT G [, A s plo7E 52
B 25 G AAR T — 2 E5 e R
5.1.2 EWiGIT5ERF

SRS 4 S PR =K SR i, =4
I3 R NG P ARTE LA DL AR A A
B A O BEAL A OB o —2H . E ok, ol
SRR L T AN [P R AR AT GRS A% B 56 K

NEH R R TETE MR Ry <47, RAEE,
BAMKEANANTRZE, KRMAERG R
IGHAFEZRERR AT, RAFEBL R Dok
A, b, RELATI T RF 0 5 04 8 K%
RAAIABATIRAE . B EGABERNRZE, K
AR ER IHERXREZMERART, IR
RAEBR T, XREREZLERTHRAHAE] IO
T, e BIES, EEEXRBRATAY AL
LREiZ R,

AN A B A BB Ry o, AR4F
KM FTH, RABHOAD TR T . KRR
LR N THAEZERA THAT, RAITFEHAL
R T 053, ol KBS R T FA6 5 5
AP B KRR AR AT IRAE . [ AE ST A A AR
2 )5, RAMNAFEN TS E Bl RS r T,
ML F R, BRI, KRk E LR TRRA YRS
NIy, e, 5404, LE2ELLHERLT
R AGE R AT A

FENACTE L AL S Ay . ““HRA”

A—FFHBG AN T RFRI H, ARMARER
R T4 # 4 h Sk “HRA” R T #b 47, 2 “HRA”
SRAE AL B T 0 ST AR . b, LR CHRAVE
SN TR G5 AP A R IRRAIRAAT RS, £
AR ERARZGE, AA KRR E
“HRA”A 3T A5 5 R Lo sk % ik sk &2,
I TR, BT IR kLR T RRA Y R 3
Rreg i e FARH, EEEXLERAT S
ALY

YERXT RN I, WAL 5
PUNAC T 41 1 22 B AE T AR H 3k 07 =R R
A, BRI AR F S — BRI 32 W BRiA
K AR IR LR AR = AR & W R IA T
Ko ZBASH T OA R B R E
U (Hur et al., 2015; May & Monga, 2014), EINIEA
XML —N N, L — AR, e A
RARTHUNACTREE . BRULLASS, PRI T3 A4
wsEa AR, I H, TR AR A R,
PUNAL S 5 3R A 4 9k 2 75 7 [l 25
IR RRZ T, 50 BV B8 A E R AR B A
(RN A AN FR A R B F T 7/ e ok
“HRA”E % KA2F Lk kB T — 2 A K094 R,
IR A R 7 s R, 1= — ik
A7 = B 27, ZERIK A NS H Hur 55 A
(2015)AIBF5T .

FEBIEESE L RMRIIF A TR R A e, — 2wk
TR0 i A T X HL T ] 132 B A R SR T2 A BT Ak O
PRIV . B2 R AR &R, 4% H W
WAL

I, WO R T (R Z 00 S50 Y 1 A A )
W, T g, JFRAE TR . ARy . XL
RABREE MR ATH R EA 5 HE”, A1 =
RAERKEENT = FFA_E)VN TR (AR
ANIBERAFEAS TR, A1 = TA&KRT B35
“7 =AW T M, PIIZ% A Leo A1 Huh (2020)
FIBFZE) U 1 GE 2415 B
52 %R

MNTHEA ¢ IR Z5 R, XU AL 4
MNETESM(M = 5.46, SD = 1.23)0 5 TRHEHERIA
A B AL TS (M = 4.87, SD = 1.45), ((364) =
—4.32, p <0.001, Cohen’s d = 0.44, i I A 5256 % T
ERS VPN AiOE Y =¥ S

DLRT 250 M4 Oy DR AR Bt AT 5 R 3 07 2500 0
KIL, PR EARE ER B, F(2, 546)=3.15,p =
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0.044, mp = 0.11; DAE B REEAE A N AR ik 47 B A
Rl EMMIRB, PR RN ERN AR E, FQ,
546) = 2.39, p = 0.093; LA FH 7 AR b AR gk
TR R 7 2250 0 R, DR AR 200 A b 2,
F(2, 546) = 0.40, p = 0.668,

TTRIXT LY (planned contrast) 43§12 B, 4 LLA]
BV R AS T, AR5 50(M = 10.54, SD =
2.81, p = 0.021, Cohen’s d = 0.25) & & TIEHIA
FLH A A 70 (M = 9.81, SD = 3.11), T AfLIE B
ZHASAY(M = 10.42, SD = 2.94)7EEUE & TIERIA
fBE 154> (M = 9.81, SD = 3.11, p = 0.055,
Cohen’s d = 0.20), 5 AW EFHRIM B FLLS T
SRS W E KO, 7 A /N YRR £ (Cohen,
1969), 74h, NEKHASMAMTZHZ B IF T E
5, p = 0.705; MUIHRBREAE NIRRT, AJ
55 (M = 9.13, SD = 3.16)8 & TIE AL
B V1545 (M = 8.68, SD = 3.43), {HARLF|S5E
R EY AR E(p = 0.192), BEA R BRS¢
B EEDROE , AR A5 M = 9.40,
SD =2.94, p = 0.032, Cohen’s d = 0.23) i, # = T3k
ANAL T AT 50 (M = 8.68, SD = 3.43), £IAF L
LIS T35 AT Bk e R = B A
EHIR . FRZERaE 4 FiR,

*

|
12t * Onr &4
DB
ol o mAAEE

O MRk BSR4
Error Bars: 95% CI

NERH

Bl 4 AN ARG 25 5 hdg
. p<0.05

PAIA RN AR BE B B3R R (A vs. HLA

W vs. ARMATE) 0w AR, DAL
BRLSE . WL TIRARRE e, LASCB AT

BIRSERN RSV SRR FIHEE =S
FRIAS 53 0 AR 4T 29005 2270 BT (MANOVA)
gERLRI, PR FEARAY ERN W, Wilks® A =

0.965, F(6, 1084) = 3.251, p = 0.004, 0> = 0.018,

KR X RE R . T RREEEE N
AR, DL A AR, DA AR O I AR i
BF, #EF707 2081, HE R BN, X E L AR
JE: F(1, 544) = 4.16, p = 0.042, 7 = 0.008; X} &3k
TR . F(1, 544) = 5.64, p = 0.018, 3 = 0.010,
XPERA . T R A0 35 2 0
ZR AN E A B AR, JE A BN
RN, F(2, 544) = 2.98, p = 0.052, 17 = 0.011, f4F
HARE . PR EANAR, DL % R o P AR
R ER, MEILPGERE: F(1, 544) =945, p =
0.002, n5 = 0.017; XE %L TR F(, 544) =
9.67, p = 0.002, n5 = 0.017; ZH 51 A4 55 17 [l B 32230
EEARIE, IR AR BINRRN B, F(2, 544) = 2.62,
p=0.074,n;=0.01, FULATHI, SETRLMGERTE
MR . T AR X T AT DS R s R S A
WK RE MR, X 5§ A I R 7 — L (Ireland, 2020,
Komatsu, 2016), iX i B X5 AATTXF 55072 8 fin 284 3%
T, B S g B A B P Y 5 R e SR
BRI T VR DOR AR A . 5 2, XU R T
EPANICRC =R R R7 L S Lk = SN/ SR EIN
1) DA ]

g5 Pk, A AR DR F A W] A
2 AR B A S e b B — o TR R
5.3 itig

SEH 4RI TR ARTE PO EAR RS
s m R . BRmTE, BRI AL
% o 2 A = AT SRE R i B 2 B, Rk
T/ B AR DO o (HAL A I A B 850 = AT
FIR PR E IR AR

6 Bt

ARUFFRRE TR R 5T, AT
PH ML R W SR A e 22 5%, JHEL
LR b AR T A 22 S B P R AL A A B A
PFo it 4 BB ALY, FAABARX T ALK
L UL B G B 2 25 R AT
ST 2 A PEAY, R TR R SR (R H T )
WA R EAEYIR, I HX—2 5725
FEMNALRIA Y o BRI, 8 A R gl
B AR sk 5 Y [ RE B9 N 7 ke 5 0 e
B, BATLRANTEA R EAER ., TAE
AL PSR TR SR, 7EIAA, T 7 =4
ARIYERE o R B Rk T HE R, HiX—2%
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S HA — e RE MR EECEE 1~4). @I
BB B 1 PR PR (25 2) LA S ARG ik e o
PR M (B2 3), FRATTHE— 2P & BB AE W M
S A TR PR BN vs. B AER
[F) e 5 285 B O BMLAR, BRIAH bE T AR, Bk
HEATIRIRE BRI Hopk i #0235
£ NS N < S P N s e o 0 R = R N N T B
PR AU NACTR B BRGNS 4), FRATLRIM T
S E R SORS e - R ik A LB E Y NE f i N RV (S
o MEIEMNCRE &, AR E SR S
FEAR ST GRS o X v AT 2D B vh
B POEMARGEIR Z — o I HAE S Brdas il 28 5 1)
REF, BATEI T o BRI AE . TR
A A AR 22 S BB A 1 [ 0 3000 L A 3 A L 1) R Al A
B, XA 1 B T RAR A B R R R A e
HREE I, a1 5 T BRI R E R g h
I IEI R 5t ARG R (R 1) AR5
L (S 2) 187 D3 0 1 (S 5 3) (B 5 % (25 4); JF
HUFE AR T A FEBOR, 45K B Credamo
(255 2~4) . PowerCX (255 4)Y 4 [E70 Bl N i LA
Jok B m i RS AR (R 1) IEH I, 24
A 10 ST 55155 358 4 RE R B R OO B T F 58 45 R 1Y
FafidE
6.1 WIHEFRNEXER

B Tol 4.0 BHRHZE SR, G B H AR
AE A R TR A A A BT S AT T T
iz, N5 Asfedlarz it mysEss . AT
BRESF MR R KA T ot A Ar . R
AR E WO FR B P~ T H (user-tool) {5, i
JE B TR S-S5 1 <A AR (partner)”yE 20, B N4>
7 LK< J® —40 T (subordinate-leader)” & R K
AW EE T A AT AN S04 O R IR R
FRf# (Wesche & Sonderegger, 2019), £ LAY TR L
Y& R4t 247813 (computers as social actors, CASA)
WA, ANTEK AL A Se 255 S A AR
YEM ST WA 254K, 52 M E gt s Mt 2
AYFEAZ KON, TTAS f] BN R O N G (1 FEAR S
Bl (Nass et al., 1994), b5 H A <THRPLTE R 40
F# (computers as leaders)”JE5®E, H shfbHE kL
BB B Z R )20, RS SEmE2
FH A S5IK)Z N T 2B 8 LZ T 5 (Wesche &
Sonderegger, 2019), fEHTT 5T, X F AMTUHFH
FrEEE IR KA 1 AR A T A
TTXT B v b DG ke 3R 1) A At e 5 o e i HE

FRMPOBATE, X 54 R EAR 3, o
2 PR AR I R A A AR X R R R R BN
L FHESFR (Acikgoz et al., 2020; Diab et al., 2011;
Fischer & Peterson, 2018; Haesevoets et al., 2021;
Norskov et al., 2020), AW A, M AREE L
AR TR B N T PR, AR 23 B G A 33 vk 48
o X —450 R MR b S5 DO ER A T T B ik
o [RIA, o 3R PR 9 3 Al A B ] B A
TERG TR S NRZ KR, I B i
PR P A DY TR O PR T A U, anfarik
NIV FERAE A A Al i — S f 7 A

{HAF— 3002, AT 38 I A B A (A 4 B DA
KR v B AS TR0 # A A S« = Ak B PR A A 1 TR
AR AR DL AT B 37 v G5 T A DR
], 730 7 e 7E RO DO By ik
SURGRIIEIYNE 2 W20 F 35 W0 I R25 S SR 1K - N
i 55 () — > S 46 A, ) 44 A (Hoff & Bashir,
2015). WL & (Wien & Peluso, 2021)55, {HiX &t
SRIEHRR, AT E AT A —EL, b
LA AT A AR R 1 [ B R R R SRR R R S
(Yeomans et al., 2019), 45 G % A0 S 19INR,
FATINFIEDOEFRZ NN . HEE . 17 hEE)
AR N DABE R N B (S B A ABC HE,
Breckler, 1984), B, ARAUFFTIEI T ] 25750 . &
FRE | A EE AR ER = A YERE R
fIE o ATV INTA I AE BE Sz e 1 AT e o = A i
FTUCR TG B A E R, R — A o e — P i
FREFITHIORRE S . AR Bk, BREAN
FE R AN A ) — R I R, R A RETE S s
5] PAXT A0 A B 5 F T (Bartneck et al., 2009),
R T AT AR I8 b X I T X 2 = A A e
) = N 2 52 T il S TR AR B A B AL Y
1T RERE . J35b, RIIRIARE R, A58 P B
[ PR A% 3 e iR 3 v L T — 45 R (employee-
employer)” i XU 1 fi (Cummins, 1998; Gigerenzer
& Hug, 1992), H AT AT VRIS 2 BB R L T
AR BE SR B AR, i R P R ) SR A 5
H CAE R Al 171 57 AR 945 52 MR SO o 3X — 40
A B 22 R e U T o A AP A R B
P POBTE S S 1 FISESS 4 HhIf A 15 21 2 1 .
SO I RTE TR R AR B AR B2 A G P AR R — 38 4
FeF ), SRR AE Al 7 5 N AR
A AR, ERATRERA 5 158 AZFRT
22107, ARMERE G2 3X — B 5y i 1R A0 ) 4
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WK, APFFEEERUE WA TAFAE—Fh X ER I
GRFS TR S TN T I R 2 A =17 & < (o A
13 71 20 0 o L1 N K 2l G B | 3 L
Mb G A BTN A3 R (Benlian et al., 2022),
AN S PR AN 375 BH 1 T 2 T DA il N S 3t ok B R
WAR N TR, RZIRBOA BT (Jussupow
etal., 2020), {HIXAN LI E AR — SR K K &
A BRIE R . JF H, 1EXF A S IO T 0 2
o, BRI — A N BT S AT s 1
ST ARG . BB Y B DR R S8 (Smith &
Shum, 2018), 3R F ERTFAEF L E T 2T
MNHLRR . AR BB AR AR . B
T, AR b RO TR Sh A
BB SETE R, FRATTAL 0 T 1 b w40 LA B e AL
P SIREME, Bmibe R, & R RKakhE .
6.2 EEBEEFEMNAITZH

MEZERAME R, APFREEU) TIRRILNE
AR SCHE R, MRS AR n A ik
BHefb . A5G F LR R, AT =5
3 [ 2 AR B T AT B

B, EBEIEUORRE Y, TR TR REE
NTHERE. T8 2 KM, AL ALHFA
[F) e 5 2 R 1) 2 B 22 AR R AE T AT 3 1
SR AR T AT E D] . AN AT R A
S 3 ORI, HFTITRAET, SRTFEE SR A
e, RBOE A &k AATTXT L I A 4 45 1 9 R A
BE o B Z, #EmEVE R TR HLE R T AR
BB RN PROEAS R, FAER B — T R
FRABERY AT AT 28, — N, Bk nyE &
P TR, H— 28 E AR EAR A R B
H B P ik BRI, S A AN ] R e R T,
3 — 7 T DU) 2 e SO0 e PR R 3 A 1 DI )2 R )
3% §& (Confalonieri et al., 2021; Leichtmann et al.,
2023). Hitk, Frigfe B sEIvE, EROR)Z
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Perceived opacity leads to algorithm aversion in the workplace

ZHAO Yijun, XU Liying, YU Feng, JIN Wanglong

(Department of Psychology, Wuhan University, Wuhan 430072, China)

Abstract

With algorithms standing out and influencing every aspect of human society, people’s attitudes toward
algorithmic invasion have become a vital topic to be discussed. Recently, algorithms as alternatives and
enhancements to human decision-making have become ubiquitously applied in the workplace. Despite
algorithms offering numerous advantages, such as vast data storage and anti-interference performance, previous
research has found that people tend to reject algorithmic agents across different applications. Especially in the
realm of human resources, the increasing utilization of algorithms forces us to focus on users’ attitudes. Thus,
the present study aimed to explore public attitudes toward algorithmic decision-making and probe the underlying
mechanism and potential boundary conditions behind the possible difference.

To verify our research hypotheses, four experiments (N = 1211) were conducted, which involved various
kinds of human resource decisions in the daily workplace, including resume screening, recruitment and hiring,
allocation of bonuses, and performance assessment. Experiment 1 used a single-factor, two-level,
between-subjects design. 303 participants were randomly assigned to two conditions (agent of decision-making:
human versus algorithm) and measured their permissibility, liking, and willingness to utilize the agent.
Experiment 1 was designed to be consistent with Experiment 2. The only difference was an additional
measurement of perceived transparency to test the mediating role. Experiment 3 aimed to establish a causal
chain between the mediator and dependent variables by manipulating the perceived transparency of the
algorithm. In Experiment 4, a single-factor three-level between-subjects design (non-anthropomorphism
algorithm versus anthropomorphism algorithm versus human) was utilized to explore the boundary condition of
this effect.

As anticipated, the present research revealed a pervasive algorithmic aversion across diverse organizational
settings. Specifically, we conceptualized algorithm aversion as a tripartite framework encompassing cognitive,
affective, and behavioral dimensions. We found that compared with human managers, participants demonstrated
significantly lower permissibility (Experiments: 1, 2, and 4), liking (Experiments: 1, 2, and 4), and willingness
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to utilize (Experiment 2) algorithmic management. And the robustness of this result was demonstrated by the
diversity of our scenarios and samples. Additionally, this research discovered perceived transparency as an
interpretation mechanism explaining participants’ psychological reactions to different decision-making agents.
That is to say, participants were opposed to algorithmic management because they thought its decision processes
were more incomprehensible and inaccessible than humans (noted in Experiment 2). Addressing this “black
box” phenomenon, Experiment 3 showed that providing more information and principles about algorithmic
management positively influenced participants’ attitudes. Crucially, the result also demonstrated the moderating
effect of anthropomorphism. The result showed that participants exhibited greater permissibility and liking for
the algorithm with human-like characteristics, such as a human-like name and communication style, over more
than a mechanized form of the algorithm. This observation underlined the potential of anthropomorphism to
ameliorate resistance to algorithmic management.

These results bridge the gap between algorithmic aversion and decision transparency from the
social-psychological perspective. Firstly, the present research establishes a three-dimensional (cognitive,
affective, and behavioral) dual-perspective (employee and employer) model to elucidate the negative responses
toward algorithmic management. Secondly, it reveals that perceived opacity acts as an obstacle to embracing
algorithmic decision-making. This finding lays the theoretical foundation of Explainable Artificial Intelligence
(XAI) which is conceptualized as a “glass box”. Ultimately, the study highlights the moderating effect of
anthropomorphism on algorithmic aversion. This suggests that anthropomorphizing algorithms could be a
feasible approach to facilitate the integration of intelligent management systems.

Keywords algorithm aversion, transparency, anthropomorphism, workplace



