2024 4E3 A5 55 85 34 BEZF 159
ZR | ATmaeEE |

DOI: 10.3969/].issn.0253-9802.2024.03.002
ATLEREREZIERLFITEM
R B R PR R R

1EIBHE BERATF FUSUE=E B OE=S
X EMSRE T

(HE ] N TR BRI 2 > HORAE BR 2 52 AR U (9 B R 0 40 ok B B S8 B e HOL 731 5 HLIBT 2 AR
(SPECT) YENZEEZZBREHH R EE L, NinREEETREAER, Rl RTEIIRE R85 W BA MR EH . %
SCIRI BT AF R TR EE o7 2 75 SPECT Hh EEMFFET7 [l . WRSMEFIN FHBUAR , SEEBLB B I P AE AR A 2, TR AR OK
HIWT AT IR B

[kiA] WE¥; ATHER; POLFHRIWERA; mEY; IRt
Research progress in deep learning in single-photon computed tomography Ren Yixuan, Cui Rongyu ® . " Chengdu Neusoft
University , Dujianyan 681844, China
Corresponding author, Cui Rongyu, E-mail: 18661072213@]163.com

[ Abstract] The research of artificial intelligence deep learning technology has become a hot topic in the field of medical
imaging in recent years. As an important branch of nuclear medicine imaging diagnosis, single-photon emission computer tomography
( SPECT ) has unique advantages in providing reliable image information for clinicians, especially in functional imaging. In this

article, the main research directions, values and application status of deep learning in SPECT in recent years were reviewed, the main

problems existing in current research were summarized, and the future research was predicted.
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