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Information Release Strategy of Urban Rail Transit
Based on Reinforcement Learning
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Railway Sciences Corporation Limited, Beijing 100081, China)
Abstract:  Guidance information can change the choice behavior of passengers and thus network passenger flow
distribution. Information release is one of the key measures to alleviate the congestion problem from demand
ideas. A method is proposed to generate an information release strategy based on reinforcement learning. The
system state is extracted based on the load rate of passenger flow in each section in the network. The information
release action is composed of the recommended paths of each OD. The reward value of implementing an
information release action is evaluated according to system state change. By an urban rail transit dynamic
passenger flow simulation system, the () -learning algorithm is employed to obtain optimal information release
strategy. A practical network is taken as an example to verify the proposed method. It was found that network
congestion can be alleviated by using the proposed information release strategy.
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