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Abstract: Buildings are one of the most important means to observe rural land changes and economic
development in rural areas. For an agricultural country like China, timely and accurate extraction of rural
buildings from high-resolution remote sensing images is crucial to rural development and planning. Recently,
with the great advancements of computer vision and computing capabilities, deep learning has achieved

considerable achievements in many applications such as building extraction due to its automatic learning
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features and strong applicability. Deep learning usually requires large amounts of training data. At present,
the datasets commonly used in deep learning to identify buildings are mainly internationally open-source
building datasets, including Massachusetts, INRIA, WHU, etc. These datasets are based on foreign buildings,
lacking sampling data of buildings that are open-source, high-precision, wide-covered, and not suitable for
the architectural style of rural areas in China. Hence, we proposed an open-resource dataset named “A dataset
of building sampling and labeling of UAV images in rural China”. This dataset is based on the unmanned
aerial images (UAV) collected in Weinan City, Shaanxi Province, Huai’an City, Jiangsu Province, Kangding
City, Sichuan Province, Shanwei City, Guangdong Province, Huizhou City, Guangdong Province, Atushi City,
Xinjiang Province, Songyuan City, Jilin Province, and other rural areas in China from 2017 to 2020. This
dataset of high spatial resolution can basically represent the building characteristics in rural China. It can be
applied to building extraction using deep learning methods as well as be combined with further research for
spatial analysis. Furthermore, it is of great significance for the overall planning for the development of urban
and rurals and the beautiful countryside construction propose by the State Land Administration of China.

Keywords: remote sensing; unmanned aerial vehicle; rural China; building; sampling and labeling; dataset;

deep learning

Dataset Profile
Title A dataset of building sampling and labeling of UAV images in rural China
Data corresponding author LIU Yaohui (liuyaohui20@sdjzu.edu.cn)

LIU Yaohui, YANG Xinyue, LI Jiahe, CHENG Hao, ZHOU Jie, FAN Xiwei, ZHANG
Data authors Haoyu, LI Xiaoli, QI Wenhua, LI Zhigiang, NIE Gaozhong, XU Nan, FU Bo, YAO
Guobiao, YU Mingyang, MENG Fei, JIN Fengxiang

Time range 2017 — 2020

Xinping Village, Pingdong Town, Haifeng County, Shanwei City, Guangdong
Province; Shuidongjie Village, Shuidong East Road, Huicheng District, Huizhou City,
Guangdong Province; Pingtang Village, Pingdong Town, Haifeng County, Shanwei
City, Guangdong Province; Huazhaolou Village, Pingdong Town, Haifeng County,
Shanwei City, Guangdong Province; Sandaogiaogou Village, Yala Township,
Kangding City, Tibetan Autonomous Prefecture of Garz& Sichuan Province; Yuwan
Geographical scope Village, Xinyuan Town, Siyang County, Huaian City, Jiangsu Province; Sanchaxin
Village, Xinyuan Town, Siyang County, Huaian City, Jiangsu Province; Helan Village,
Liugu Town, Fuping County, Weinan City, Shaanxi Province; Zhaojia Village,
Yuanren Township, Pucheng County, Weinan City, Shaanxi Province; Tuchengzi
Village, Ningjiang District, Songyuan City, Jilin Province; Qionghalajun Village,
Halajun Township, Atushi City, Kizilsu Kirghiz Autonomous Prefecture, Xinjiang

Uygur Autonomous Region.

Spatial resolution 1.02-7.76 cm

Data volume 1.04 GB
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Data service system <http://www.dx.doi.org/10.11922/sciencedb.j00001.00226>

Open Research Fund of National Earth Observation Data Center (NODAOP2020008),
Source of funding Natural Science Foundation of Shandong Province (ZR2021QD074), Hebei Key
Laboratory of Earthquake Dynamics (FZ212203).

There are two data files in this dataset, among which: (1) “origin” is the image data of
the cut Orthophoto Image stitched by UAV, and it contains two subfolders “input” and
“target”’, namely the original image and the labeled image, with 1,010 images in each
Dataset composition
folder; (2) “augmented” is the augmented data composed of two subfolders, “input”
and “target”, which are the original image and the labeled image respectively, with

6,060 images in each folder.
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