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Hand Detection Algorithm During Hand over Face Occlusion in Sign Language Video
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Abstract : Based on image force field transformation, a novel algorithm was proposed to track the hand during hand over face oc-

clusion in sign language video. First, the frames with a hand occluding the face and those with only a face were transformed to

force field images. Then the force field images were partitioned into sub-images and the histograms of each sub-image were calcu-

lated. For each sub-image, the histogram of frame with only a face was subtracted from the frame with a hand occluding the face

to get the difference histogram. Finally, for each sub-image the difference histogram was compared to threshold to get the position

of the hand. Experimental results showed that the proposed algorithm is capable of real-time tracking of hand.
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Fig.1 Result of sign language image force field trans-
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Fig.2 Partition of a force filed image and histogram features of each sub-image
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Fig.4 Part of images of the constructed hand-over-face
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Fig.5 Experiment results of the proposed algorithm
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Tab.2 Performance comparison of different methods
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