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Abstract: As a classical combinatorial optimization problem, vehicle routing has always been a hot and difficult re-
search topic. It is very important to make reasonable planning for it in both emergency management and logistics distribu-
tion. In order to better carry out related work in the future, this paper reviewed the research progress of exact algorithm, heu-
ristic algorithm, and machine learning algorithm in vehicle routing optimization problem. Then the comparisons of the per-
formance of six classical algorithms were conducted based on Solomon standard data set. The development trend was pros-
pected from the aspects of balance relationship between the local optimum and the convergence speed, individual evalua-

tion function, dynamic vehicle routing problem, and the application of machine learning algorithms in the vehicle routing

problem.
Key words: vehicle routing optimization ; heuristic algorithm ; precise algorithm ; machine learning
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