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Prospects of the Intelligent Driving Technology for Autonomous-rail Rapid Tram
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Abstract: In face of the rapid emergence of new technologies and the increasing customers’ demands, autonomous-rail rapid tram
will be taken as a platform for new intelligent technologies application, so as to improve its intelligent level continually. In the future, the
application coverage will be extended from vehicle to ground equipment and infrastructure. This article looks forward to the technical
framework and development of intelligent driving technology for autonomous-rail rapid tram.
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Fig.4 Long-range millimeter wave radar detection effect
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Fig.7 Sensor layout for autonomous-rail rapid tram
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Fig.8 Multi-source fusion process for autonomous-rail rapid tram
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Fig.10 Virtual switch for autonomous-rail rapid tram
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Fig.11 Longitudinal velocity planning for autonomous-rail rapid tram
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