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Research on the Construction Method and Application of Diagnosis and Treatment Knowledge Graph
of Famous TCM Physicians Based on Medical Records
Gao Xiaoyuan', Gao Wenjia', Wang Xinyu', Zhu Yao’, Ding Haiyan’, Yang Tao', Hu Kongfa'
(1. School of Artificial Intelligence and Information Technology, Nanjing University of Chinese Medicine,
Nanjing 210023, China ;2. The First Clinical Medical College of Nanjing University of Chinese Medicine,
Nanjing 210023, China ;3. Jiangsu Famous Medical Technology Co., LTD, Nanjing 210000, China)

Abstract: Objective A knowledge graph construction pipeline of traditional Chinese medicine (TCM) diagnosis and
treatment was designed and applied, aiming at the automatic construction of the "disease—symptom—pathogenesis—and
medicine" knowledge graph based on the medical records of famous TCM physicians, to analyze, organize and present
medical records efficiently. Methods  Firstly, The entity extraction method of medical records combining Deep Learning
and Regular Expression was designed to extract disease, symptom, pathogenesis, and TCM entities from unstructured

medical records automatically; secondly, entity relationships were defined and the correlations between entities were
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calculated using HAN method, and then the "entity—relation—entity" triplets were built; the graph database Neo4j and
Gephi were used for knowledge storage and visual display separately; Finally, the application was verified in the Medical
records of lung cancer treated by the old famous TCM physicians. Results The precision, Recall and F, of the
knowledge extraction model for medical records entities extraction are 88.49%, 90.02% and 89.25%, respectively, and
each index is better than the comparison methods. A total of 1077 triples are extracted through entity correlation
calculation, and the knowledge graph is successfully constructed. It can reflect the relationship between 'disease—
symptom—pathogenesis—medicine’ in the treatment of lung cancer by the famous specialists of TCM. Conclusion The
method in this paper can effectively solve the extraction, organization and expression of clinical medical records of
famous TCM physicians, and realize the automatic construction process from the text of medical records to the knowledge
graph. Relevant research ideas and methods proposed in this paper could provide a reference for the construction of the
diagnosis and treatment knowledge graph of famous TCM physicians based on medical records.

Keywords: Chinese medical records, Famous TCM physician, Clinical diagnosis and treatment, Knowledge graph
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