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W aveletM odeling for Cam bustion Process of
Ciraulating F nidized Bed Boiler

HUANG X iao', JIANG Qing-yin" , PAN Xuehong,
FAN Cheng, CAO Zhtkai
(1 Deparment of Chan ical& Biochen ical Engineering X ian en University,
Xianen 361005 Ching 2 XinliE kctric Power Ca Ltd , Zhengzhou 450000, China)

Abstract Circulating F uidized Bed Boiler (CFBB) has a splndid future anong allkinds of coabkbuming fumaces At the same timg
hov to contiol the CFBB & regaded as a challenging prob len because of its strong nonlinear coupling mu ltivariabl tme dehy and tme var
ying chamcters Neurtnework-based predictive contw] which takes neuml netv oiks as pred ctivem ode] has stiong rebusiness n nonlinear
M MO pmwecess control and & recanmended b be adopted in the CFBB contw] Thew avelet nework a type of feed forward bass functon net
work B chosen to build the nonlnear predictvem odel due to iis fast convergence snall size and especially he linear relatonship bei een its
node outputs and w eight coefficients which could be exped ently adjsted online and this & very mportant in the CFBB control In ths papet
the orthogonalw avelet network & proposed n the dynan k modeling of the combustion process of CFBB, not only for it can effectively avoid
the poblem of ¢ curse of d mensionality’ , but for i has more significant dentifying accuracy and smallr netwotk sze when adopted n the
lov- frequency chem ical processes The industrinl data collected fran o k inds of ndustrial processes are used as trained sam ples and pred i
ted san ples Both theory analysis and application resulis shov that the karning accuracy and the generalizaton capability of h & wavelet net
work are satisfying

Key words wavelet new ok dynam i modeling CFBB



