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Abstract: Human activities contribute to forest changes by altering land cover, promoting changes in carbon budget and
surface energy balance, further affecting climate at global and regional scales. Current studies on the impact of forest
changes on regional temperature are mainly focused on the simple statistical method combining forest change data with
temperature data with limited accuracy, however, studies on the effects of forest changes with high reliability and its
biophysical processes on regional temperature indicate that an accurate and comprehensive understanding of the
biophysical interaction mechanisms between forest and climate can provide a scientific support for the comprehensive
assessment of forest ecosystems. The author made a comprehensive analysis of various monitoring methods of forest
changes combined with thier biophysical processes based on multi-source remote sensing on regional temperature, and
found that; (1) the limited availability of high-resolution forest change data from multiple sources has been hindering the
accurate quantification of the impact of temperature changes; (2) the evaluation of results about quantifying the impact
of the biophysical mechanism of forest charge on regional temperature based on the methods for integrating remote sensing

observations is inconsistent. Therefore, the biophysical mechanism of forest change and the temperature effects are worthy
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of in-depth analysis. In the future, the cross-cutting advantages of rational integration of multiple data sources to explain

forest response to climate effects should be fully utilized to understand the interaction between forest change, carbon

cycle and climate under biophysical and biochemical mechanisms, and to maximize climate benefits through rational

management of forest ecosystems.
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Table 1 Summary of remote sensing data and climate data
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Table 2 The primary time series remote sensing detection algorithms of forest changes (> 20 years)
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Table 3 The primary methods for quantifying the biophysical mechanisms of forest changes with

integrated remote sensing observations
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