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EXEXMW: XiaPC, Huang Y X, Wang Y X, et al. Augmentation-based discriminative meta-learning for cross-machine few-shot fault diagnosis. Sci China Tech
Sci, 2023, 66: 1698-1716, https://doi.org/10.1007/s11431-022-2380-0

©2023 (HEMFE) FiEH

www.scichina.com


https://doi.org/10.1360/SST-2023-0136
https://doi.org/10.1007/s11431-022-2380-0
http://www.scichina.com
http://techcn.scichina.com
http://crossmark.crossref.org/dialog/?doi=10.1360/SST-2023-0136&amp;domain=pdf&amp;date_stamp=2023-07-18

SRR K K 18 55 R 0l TG 2 51 TR AR 5 B0 4% A R AR I e 2 W o ) 2

EE RS BTl g H #rg- 7ol
mEe |[miae m:o A
SiAA [|oimA [ ¢ mE
sA W eq|lsA oMy |sA e Aq
l TEAES1 TEHESS2 JLAES Ny
LA TOAES AR

RFAEHR AR

i A A .
R B C@ )

1 O

HIEA R T BRI R B E R

B 1 (I RROR ) P di Hh AR 2 - 00 8 5i ) 1 1) e 2 2] T i RE AR

Figure 1 (Color online) Framework illustration of the proposed augmentation-based discriminative meta-learning method.
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